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ABSTRACT

STUDENT NAME | Michel WOZNIAK

DEGREE MBA in Artificial Intelligence

SUPERVISOR Pr. Richard Adlam

TITLE Human success factors for French-speaking Al-oriented startups

DATE April 2025

KEYWORDS Human factors, Al startups, startup success, investor-founder
perceptions, emotional intelligence, quantitative research

Background: This study investigates critical human factors influencing the success of
French-speaking Al-oriented startups, addressing a gap in existing research that

predominantly focuses on technical, economic, and organizational success factors.

Purpose: While prior studies highlight the role of founder experience and cognitive biases
like attribution theory (Ross, 1977) and individual elements of emotional intelligence (Coté
and Miners, 2006), the holistic impact of attitudes, fears, and behavioural traits remains

somewhat underexplored.

Methodology: Using a quantitative deductive approach, surveys were conducted with 24
founders and 35 investors across France, Switzerland, Belgium, and Luxembourg, employing
Likert-scale assessments of 14 human factors. Spearman correlations, Jackknife stability tests

and Cox survival models (concordance=80.4%) validated findings.

Finding: Results revealed four key findings for startups in general, and three specifically for
Al startups: For startups in general, (1) Founder’s fears increase startup failure by 18% and
stress by 11%, while accountability reduces failure risk by 21%. (2) Serial founders value 12
human factors out of 14 higher than first-time founders. (3) There is no clear “learning by
failure” for high-failure startups. (4) There is a pivotal moment at two failures or successes
where human indicators require specific attention. Concerning Al startups specifically, (1) Al
startups have 12.56% lower failure risk but systematically score as more sensitive to human
factors than non-Al startups. (2) Al startups show a high risk of misalignment with investors,
compared to non-Al startups which only show an average risk. (3) For Al startups, all human
factors correlate more to success than academic knowledge in Al, communication or

leadership and management.
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Discussion: A self-reported 46% success rate indicates potential social desirability bias.
Practical recommendations include emotional intelligence training for founders and investors,
structured investor assessment frameworks to mitigate attribution biases, and collaborative
governance models for Al startups. This research underscores the need for human-centric

strategies in high-stakes Al environments.
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GLOSSARY

This section reports the definition of commonly used words and acronyms throughout this

dissertation.

Al Startup

A startup whose business model is centred on Artificial
Intelligence-based solutions, offering services or products to clients

that involve regular, systematic, or automated use of Al tools.

Attribution Theory

A psychological theory developed by Fritz Heider (1958) that
defines the way people give interpretations to events and how their

thinking and behaviours adjust to their interpretations.

Cognitive

Dissonance

A state of psychological discomfort that occurs when a person has
contradictory ideas or beliefs, or when new pieces of information

conflict with other beliefs the person already holds.

Cox Proportional
Hazards Regression

Model

A statistical method used to investigate the effect of several
variables on the time a specified event takes to happen, often

applied in survival analysis.

Emotional The capacity to recognize, to make sense, and to be able to act upon
Intelligence the emotions of self as well as of others.
Fundamental The tendency one may have to attribute someone’s failure to

Attribution Error

internal human factors while underestimating the effect of

environmental reasons.

Jackknife
Resampling

A statistical technique used to estimate the bias and standard error
in a statistic by systematically recalculating that statistic, leaving

out one or more observations at a time.

Kruskal-Wallis
Test

A non-parametric statistical procedure employed to assess whether
multiple independent samples, potentially of unequal size, derive

from a common distribution.

Likert Scale

A scale with generally 5 to 7 options, often used in surveys to

measure attitudes or opinions.

Non-Al Startup

A startup that does not primarily focus on Artificial Intelligence in

their services or products offered to clients.
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Self-Serving Bias

A cognitive inclination to attribute personal successes to one’s own
internal traits, while shifting the blame for negative outcomes or

failures onto external circumstances.

Selective

Perception Bias

The tendency to perceive what we want to perceive, often ignoring

contradictory information.

Spearman

Correlation

A nonparametric statistical method used to evaluate the degree to
which two variables maintain a monotonic relationship, based on

their ranked observations.

Startup Success

Defined in this study as a startup that is profitable and still operating

after 5 years of activity.
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1. INTRODUCTION
1.1. THE SELECTION OF THE TOPIC

Startup failure is one of the most significant challenges in the entrepreneurial ecosystem. With
a fair estimate of about 90 to 95% (Allen, 2022), it is not surprising that numerous studies
have attempted to dissect the technical, organizational and economic reasons behind these
outcomes. However, little has been written about the human aspects like attitudes, beliefs,
behaviours, fears, stress, leading to startup failure or success (Duong, 2022). It may possibly
be connected to the level of subjectivity of those factors and the amounts of biases that can

get in the way of clear mathematical models.

This gap is particularly intriguing when opposed to some successful startup founders whom
we approached, like Taig Khris (OnOff professional telephony solution), Eric Larchevéque
(Ledger crypto security), Mounir Lagoun (Finary finances) and Anthony Bourbon (Feed).
They led Al (Artificial Intelligence) startups as well as non-Al startups. When asked about
success, they agreed with the necessity of knowing themselves well, being fully “aligned” and
overcoming their fears, even more than technical or financial aspects. According to Anthony
Bourbon, even with an almost unlimited capital and all the required technical expertise, a
founder who would not be personally “aligned” would fail their startup. He defined this
notion of alignment as being connected to what is commonly known as “emotional

intelligence” (EI).

This dissertation emerged from the desire to explore these personal testimonials through a
rigorous research lens. The aim is to confirm or challenge these perspectives by surveying
both startup founders and investors and provide possible insights into how human factors may

or may not influence startup success, differentiating Al and non-Al ventures.
1.2. HISTORY AND EVOLUTION OF THE SUBJECT

Historically, especially before Covid, startup outcomes were often observed through the lens
of technical aspects like finances, technical skills, leadership strategies, or external
environment specificities. These concrete aspects are very well adapted to statistical analysis
due to their rationality. On the other hand, human aspects like stress, fear, beliefs or stress-
related behaviours, have often been treated as secondary, probably due to their intangible and

subjective nature.
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However, the influence of human factors cannot be neglected. In 2022, according to the
American Psychology Association, 27% of American adults experience daily so much stress
that they feel unable to “function” properly (Stress in America 2022: Concerned for the future,
beset by inflation, 2022). In 2024, Gallup (2024) discovered in a worldwide survey that 37%
of people in the world consistently experience high levels of stress. It is reasonable to
consider that founders are part of these statistics, possibly being even at higher risk,
considering the high pressure they may encounter, facing uncertain environments and high

financial stakes.

The fast evolution of Al in recent years even complicated this landscape. For instance,
Mistral, a French Al company, has received a 6 billion dollars valuation only one year after its
creation (Kharpal, 2024). This exemplifies the growing complexity, pressures and stakes that
arise in the realm of startups, and it underlines the necessity of considering human aspects

when evaluating the success or failure of startups.
1.3. THE IMPORTANCE TO CURRENT ECONOMIC AND SOCIAL LANDSCAPES

Startups bring valuable innovations to the society. Every startup that fails generates
substantial losses, both on the side of the founders, as well as on the side of the investors. A
vicious circle may arise out of those failure, which might push investors to become more
reluctant to invest. This in turn may become a problem in the startup ecosystem where, by
definition, risks may be high, with high valuations opposed to little or even no profit at the
time of a fund raising. Therefore, any factor that could improve a venture’s success rate

deserves serious consideration, even if it requires taking subjective evaluation risks.

Al is a raising and rather recent trend compared to the history of startups, with an estimate of
5% of Al-oriented startups out of 305 million startups created worldwide every year (Wise,
2023). However, their impact seems disproportionately large when compared to the high

valuations they may receive, within very narrow periods of time.

If human factors like self-awareness, stress management or resilience are proven to have a
measurable impact on startup outcomes, then both founders and investors may benefit. It
seems surprising to observe the apparent low level of interest manifested by scholars about

the impact of human factors in startup success or failure.
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1.4. BRIEF OVERVIEW OF THE TOPIC

The core problem this dissertation addresses is the seemingly low representation of human

factors in research on startup success and failure.

This research intends to bridge that gap by focusing on a comparative analysis between Al
and non-Al startups, investigating whether and how human factors manifest differently in
these contexts. Additionally, by incorporating perspectives from both startup founders and
investors, this work seeks to provide a comprehensive understanding of how human aspects

may influence outcomes.

Taking those human factors into consideration in this dissertation represents a challenge, and

the reader must be warned of the risk of biases connected to the high levels of subjectivity.

This dissertation is not aimed at reflecting a unique truth, but rather a different angle on a

subject somewhat neglected by academics, which may lead to further research work.
1.5. THE RESEARCH QUESTION AND AIM OF THIS DISSERTATION
The question revolving around this research is:

“To what extent human factors like attitude, beliefs, behaviours, fears or stress may affect

the overall success of an Al or non-Al-oriented startup?”

Therefore, the aim of this dissertation is to explore the influence of human factors on the
success or failure of startups, with particular attention to the distinctions between Al-driven

and non-Al-driven startup companies.
1.6. THE OBJECTIVES TO ACHIEVE THE AIM
To achieve the aim of this dissertation, the following objectives are proposed.

The first objective (O1) will be to conduct a critical review of academic literature relating to
the role of human factors (such as beliefs, attitudes, stress, or behaviours) in the success or

failure of startups.

The second objective (02) is to define and differentiate Al-oriented startups from non-Al-

oriented startups.

Then, we will explore how success and failure are conceptualised and measured within startup

contexts, from both entrepreneurial and investor perspectives (O3).
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Concerning human factors, we will develop a research methodology appropriate for
investigating the impact of human factors on startup outcomes, including the selection of

suitable data collection and tools for analysis (O4).

We will collect and analyse empirical data from startup founders and investors to identify

perceived influences of human factors on startup performance (O5).

We will finally interpret and critically analyse the findings in the context of the literature,
drawing conclusions about the relative impact of human elements on startup success, and

discussing any distinctions between Al and non-Al contexts (O6).
1.7.BRIEF REVIEW OF THE PROPOSED RESEARCH METHODOLOGY

The approach of this dissertation is quantitative research. Two distinct surveys will be
developed and sent. One will be for startup founders and one for investors. The results may
show differences between their perceptions, and lead to useful learnings from each

protagonist’s “map of the world”, or vision of the world, in order to discover possible areas of

improvement to promote startup success.

Both surveys will use Likert-scale questions addressing specific human factors like stress,

fears, alignment and belief systems.

The surveys will also include discriminating questions to identify for instance whether
respondents belong to Al or non-Al sectors, allowing comparative analysis. The collected
data will be statistically analysed to discover trends, correlations, and possible discrepancies
in perception between founders and investors. Given the subjective nature of the factors
studied, particular attention will be paid to the limitations of self-reporting and the inherent

biases in human responses.

The focus will be set on success as well as on failure, since it is possible that a given human
factor like stubbornness might in some cases lead to success, and in other cases, it might lead

to failure.
1.8. BRIEF INTRODUCTION TO THE RESEARCH ENVIRONMENT

The geographical scope of this research is intentionally narrowed to French-speaking startups
and investors. This decision balances the need for cultural and linguistic consistency with the

practical requirement of obtaining a sufficiently large and relevant sample size. While this
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may limit the global generalisability of the findings, it enables deeper insight into a well-

defined startup ecosystem.

Al and non-Al startups from various sectors (including high-tech and low-tech industries) are
included, ensuring diversity in business models, challenges, and investor expectations. This
approach allows for benchmarking across sectors and technologies, shedding light on whether

Al entrepreneurs face unique psychological or emotional demands.
1.9.INTRODUCTION TO THE FOLLOWING CHAPTERS

The structure of this dissertation is designed to guide the reader through a logical and

comprehensive journey from theory to practice.

Chapter 2 will present a critical review of existing studies on startup success factors, with a
focus on the human dimension and distinctions between Al and non-Al sectors, so that the

reader knows what the literature already presents about the subject.

Then, chapter 3 will discuss the research methods, including the development of the surveys,
the selection of the sample, and the methods used for data analysis, therefore presenting the

‘Chow”.

Once the data is collected with the methods above, a detailed presentation of the empirical
findings, including statistical analysis, group comparisons, and interpretation of human
factors will be provided in chapter 4. The same chapter will also integrate those findings with

the existing literature, examining convergences and discrepancies.

Finally, chapter 5 and 6 will provide a summary of key insights, as well as recommendations
for founders and investors, and suggestions for future research. It will be followed by an

evaluation of the present research in chapter 7.

The next chapter will provide the reader with a detailed literature review about the subject.

Page 20/ 122



2. LITERATURE REVIEW

This chapter will present a detailed literature review. The first part will be the choice of the
academic theories which will be the starting point of this research. After connecting them

with other academic literature, we will develop the necessary bridges with our subject matter.
2.1.INTRODUCTORY ELEMENTS

This dissertation will focus on internal human factors affecting the success or the failure of
startups. Since we will not cover the external factors which are already widely discussed by
science literature, we will identify one academic theory dealing with internal human factors,
as well as one academic theory bridging internal and external factors, in order to be
exhaustive and stay focused. Those will be the basis on which we will construct this work. All

the referenced studies are stored in a Zotero database.
2.2. THEORY BRIDGING INTERNAL AND EXTERNAL FACTORS

Among all the academic theories studied in the MBA, one specifically attracted our attention
as a basis for our work, because it bridges internal and external factors, while providing
patterns matching with investors, with founders as well as with both. It is Heider’s (1958)
attribution theory. Since academics have covered this theory very widely, even recently, it

will be the basis of our work.

Several academics have built upon the

attribution theory which examines the S/D 4\\?'57

o

[ v
Internal Attributions

given events, separating them between internal Focus on personal traits Consider situational factors

interpretations people give to the causes of

causes (01' dlSp ositional attributions) and Figure 2.1 — The attribution theory (created with Napkin)
external causes (situational attributions). As

Weiner considers it as a field of study and suggests that it cannot be considered as a unified
theory (2008), he focuses on outcomes and perceptions, which relates well to the very notion

of success or failure for startups.

The attribution theory has been recently used to analyse human behaviours. For instance, a
meta-analysis synthetised 38 studies to explore and explain Covid-19 behaviours (Sharma et
al., 2022). Another meta-analysis of 22 studies about founder’s communication style analysed

the attribution patterns adopted by employees (Safira et al., 2023), and showed that the style
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of communication employed by a given person has a significant impact on teams as well as on

its global efficiency.

Three attribution patterns stem from the attribution theory. These patterns are of a specific
interest in this research, as they cover specifically the founder, the investor and also both of

them.

Fundamental Attribution Error : The first one is the fundamental

The investor's view on failure . . .
attribution error, which may

Founder's Traits @ ] alter the evaluation made by the

investor when a startup fails,

attributing the failure more to

Technical problems @‘7& . emotional or personal traits of the

Market Conditions (12 founder rather than external

y factors (Ross, 1977) lik
Competition ﬁ N actors (Ross ) like

Internal Operations Gé} _—
P a%,

resources, economy, competition,
market conditions or technical
limitations. Seven years later,
Figure 2.2 - The Fundamental Attribution Error (created with Napkin)

Miller establishes that this
attribution bias is actually subjected to cultural differences (Miller, 1984) which could imply
that those biases could be at least partially learnt, which opens the possibility of change by
limiting the impact of this cognitive bias. The proportion to which this cognitive bias would
be “engraved” in the person or learnt is not covered by the study. This is also why culturally
restricting the targeting for the survey will be important, so that cultural differences may
influence as little as possible, while keeping enough potential answers for efficient statistics.
Much more recently, it has been shown that in project management, a failure was generally
considered to be caused by the project manager’s personal traits (Christopher Paul, 2021)
instead of the external contextual elements. Walker (2025) challenges the traditional idea that
the fundamental attribution error is indeed a cognitive bias, by suggesting that it may rather be
the result of a probability, or a heuristic, making it more mathematically predictable. His idea
somehow correlates to Miller’s (1984) observation about the fact that the fundamental
attribution error is culturally influenced, therefore it could be more or something else that a
pure cognitive bias. However, even if it were a heuristic, it would not intrinsically disprove
the fact that it is a cognitive bias, which is confirmed by a 2022 study showing that people

also manifest the fundamental attribution error with robots (Edwards and Edwards, 2022) and
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not only with humans, which seems to confirm the traditional academic concept. Therefore,
during this research, we will stay with the academic idea that the fundamental attribution error

is indeed a cognitive bias.

Self-Serving Bias The second one is the self-

serving bias which will

|
. - : especially concern the

= - Founder's view
ess = Personal Traits ' founder, who may attribute

the success of the startup to
Figure 2.3 — The Self-Serving Bias (created with Napkin) himself and to his personal

traits and attitudes, while
having the tendency to attribute the failure of the startup to external factors like technological
problems, economic problems or event political problems. A meta-analysis has been
conducted to prove the reality of this bias (Mezulis et al., 2004). It shows significant cultural
differences even among Europeans. The reality of the self-serving bias confirms the necessity
of surveying not only the founders, but also the investors who have an external point of view,
although they are themselves subjected to the previous attribution bias. This combined
complexity increases the subjectivity of this research. Rogoff et al. (2004) point to the fact
that entrepreneurs are significantly more negatively subjected to this bias than experts,
arguing that entrepreneurs are actors in the company, whereas experts are more in a position
of an external observer. This again confirms the importance of including investors as external
observers in order to confirm or not the attribution bias and possibly find ways to

counterbalance it.

We might argue that this self-serving cognitive bias could either prevent learning from
failures, or on the other hand it could also increase resilience, especially if we connect it with
the notion of cultural differences pointed to by Mezulis et al (2004). However, it is to be
noted that this self-serving bias is recognized to be variable in its intensity. For instance,
gaming “addicts” show a lowered self-serving bias (Wang et al., 2024), as well as depressed
people who surprisingly show a better self-perception ability (Benz and Reinhard, 2023). The
study however does not tell whether depression is only correlated to better self-perception, or
whether it is a cause, which would certainly be an important piece of information for the

purpose of this study oriented towards internal human factors and self-perception.
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The Selective Perception Bias The third attribution pattern we

as a prism of perception observe is the selective

perception bias. Hastorf

Personal (1954) showed how individual
Experiences :

perceptions often have a strong

Cultural

Background impact over how one interprets

Interpreted
Events events. Dearborn and Simon

(1958) add that the

Belief Systems

Emotional State interpretations may differ

according to the person’s
“functional background”. While
Dearborn and Simon (1958)

Figure 2.4 — The Selective Perception Bias (created with Napkin)

focused precisely on executives, some might consider that investors and founders may not
necessarily fit to what was considered to be an executive, back in 1958. However, we will
take it into consideration and be careful that even among investors, there may be differences
of perceptions between those who are only investors and those who are or have been both
investors and founders. Another more recent study shows that a cognitive bias is much easier
to recognize in others than within self, calling it a “blind spot” (Pronin, Lin and Ross, 2002).
This view (1) confirms again the necessity to integrate investors as external observers, and it
(2) confirms the necessity to go further than just the attribution bias, and search also on the
concept of emotional intelligence, since having a blind spot may require at least a better
knowledge of self. Moreover, a 2024 study confirmed that this bias can potentially be
controlled, as it is directly connected to how the person stores the initial information (Park et
al., 2024), which means that heuristics can be built to avoid or at least limit the negative

effects of this bias.
2.3. THEORY ABOUT INTERNAL FACTORS

Although popularized by Daniel Goleman, Emotional Intelligence (EI) was initially based on
John Mayer and Peter Salovey’s work (Salovey and Mayer, 1990) who defined EI as the
capacity to discern and have an impact on one’s own emotions as well as others’. It is
essential to underline that EI is not only about assessing emotions but is also about the
capacity to act upon them, implying therefore a notion of tools or techniques. For the purpose
of our study, it is also very significant to keep in mind that emotional intelligence has,

according to Salovey and Mayer (1990), a systemic impact, as it may impact personal
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emotions as well as other people’s emotions, which implies a notion of influence over self as

well as over others.

Emotional

Emotional Intelligence Framework intelligence has

Emotional Intelligence been a vast subject

E;%E:icit:sto discern and have an impact on Of study since the
earliest

Self-Emotion Management

Ability to impact personal emotions publications_

effectively

Historically, Walter
et al. (2011)
identified and

Others' Emotion Management

Capacity to impact emotions of others

Systemic Impact explored the

Influence on all the system's stakeholders

discrepancies

between academics
and practitioners
Figure 2.5 — Emotional Intelligence (created with Napkin)

who had a different
perspective on EI. Indeed, academics were questioning the importance of EI in leadership,

whereas practitioners were viewing EI as a necessity.

However, the academic position kept evolving through the years, especially after the Covid-
19 pandemic. For instance, a 2023 meta-analysis of 104 peer-reviewed studies showed that
Emotional Intelligence helps founders improve the company’s outcome as well as overall
performance (Coronado-Maldonado and Benitez-Marquez, 2023). Another study even shows
that the quality of the decision-making process can be improved when there is an alignment
between self-assessed and actual Emotional Intelligence (Gillioz ef al., 2023), which goes

along the ancient maxim “Know thyself” in the temple of Apollo.

The interest for the subject has been growing steadily and significantly as on the “Science
Direct” database for example, 354 review articles were published in 2019 on emotional
intelligence. Five years later, post-Covid, in 2024, 1205 review articles were published, which

is 3.4 times more (see Appendix AO1).

This increased interest will possibly also generate in the next few years a growing interest for
the impact of Emotional Intelligence on startup success and failure. Although the field of

social psychology has covered a very large spectrum of theories about the impacts of human
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factors like fears, beliefs, attitudes, behaviours or stress, nevertheless very few of those
theories have been applied to analysing startup failure or success (Duong, 2022) especially

before the Covid-19 pandemic.

However rational the world can be, the pandemic seems to have stimulated researchers to
focus more on the impacts of human-related aspects, cognitive biases and “psychological
baselines” within the professional environments (Scalabrini et al., 2023). Such an interest
combined with an improvement of startup success could have a significant impact on the
world economy, considering the fair estimate of the startup failure rate of 90 to 95% (Allen,
2022) applied to the 305 million startups created every year worldwide (Wise, 2023), which
makes between 275 and 290 millions of failed startups every year. The impact is not only

economical, but it also represents a significant social impact.

One example of such a psychological baseline mentioned earlier is the role of anxiety. The
impact of stress on risk taking appears to be inversely proportional to the person’s anxiety
level (Hengen and Alpers, 2021). Therefore, anxious people will tend to reduce their capacity
to take risks as their stress level grows, whereas non-anxious people will tend to increase their
capacity to take risks as their stress level goes up. This is a major insight for founders and
investors whose work is significantly based on risk taking. This once more emphasizes the
possible importance of Emotional Intelligence and human factors in startup success, which we

will study in more details in this research.

EI has also been recently a major subject of interest for Al research, in order to better model
and reproduce human-like systems (Narimisaei et al., 2024), therefore computer engineering
is helping us better understand human beings. The combination of Al and EI also supports
understanding further the complexity and the subjectivity of human emotional intelligence
(Filippis and Foysal, 2024). This is understandable considering how much Al has been

inspired by the actual human brain, with neurons and synaptic connections.
2.4. EMOTIONAL INTELLIGENCE (EI) AND COGNITIVE INTELLIGENCE (CI)

The previous section defined what EI is. However, it is important to distinguish between
Emotional Intelligence (EI) and Cognitive Intelligence (CI) which have a different theoretical
base. We will therefore complete our former definition of EI with a definition of CI, which is
a very wide topic. We will only “scratch the surface” as we do not want to confuse the mind

of the reader but rather stay focus on EIL
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Cognitive intelligence is commonly considered as being the capacity to think concretely as
well as abstractly, to organize, to understand complex concepts, to learn and to solve
problems (Colom, 2020). A significant number of academic theories have been elaborated
around cognitive intelligence (Chen ef al., 2019) which we will not cover here. However, the
concept of General Intelligence (Detterman, 2000) which was initially exclusively reserved to
human beings has been lately taken into consideration dealing with Al using the term AGI,
which stands for Artificial General Intelligence, as a kind of ultimate goal for Al systems

tending to copy or reproduce the human general intelligence (Fei ef al., 2022).

Problem.SoWing ® 4 Although Jung et al. (2019) discovered
Skills ==, S!e_ Empathy and e .
. - |nﬂ5enc)é that EI and cognitive intelligence are
Concreteand =
Abstract (& =a  Emotional intrinsically linked because of their
Thinking * v | Awareness and
1 " Impact shared physical neurological

foundations (they share the same brain)
Cognitive Intelligence SR and interdependent brain functions,

Emotional Intelligence
which means that improving one may

Figure 2.6 — Balancing CI and EI (created with Napkin) have a positive impact on the other. and
vice-versa, however, Agnoli et al.
(2019) underline that the overlapping between EI and CI is not clearly established by science.

Therefore, there is no consensus on their actual connection or disconnection.

Research has also shown that EI has an established impact on CI (Fernandez-Berrocal and
Checa, 2016) which emphasizes one more time the importance of taking both into account; as

we do while examining the human factors impacting startup success or failure.

Jung et al.’s (2019) discovery about the intrinsic connections between EI and CI may at least
partially explain Gillioz et al.’s (2023) discovery that the alignment between self-assessed and
actual Emotional Intelligence can indeed improve the quality of decisions, as cognitive

intelligence and emotional intelligence share the same neurological foundations.
2.5. CONNECTING THE DOTS

Now that we developed the attribution theory as well as the emotional intelligence theory, we
may start to “connect the dots” to clarify the mind of the reader about the connections

between those theories.
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While we saw the problems induced by attribution biases, a study suggests that EI may reduce
those biases, when the person develops a more thorough perception of themselves and others
(Petrides and Furnham, 2003). This suggestion opens the possibility of improving startup

success through the development of human factors.

Coté and Miners (2006) explicitly separate cognitive and emotional intelligence, and show
that both can improve work performance. With the evolution of Artificial Intelligence, as
cognitive tasks are being taken over by computers, Coté and Miners (2006) elaborated almost
20 years ago that a higher emotional intelligence may compensate lower use of cognitive
intelligence. Therefore, emotional intelligence may take more and more importance in the

next decade as Al evolves, which reinforces the need of this research.
2.6. DEEPER INTO THE HUMAN INVESTOR AND FOUNDER

Almeida et Devedzic (2022) highlight the fact that emotional intelligence is the most relevant
soft skill for entrepreneurs. Although their quantitative study focused only on Serbia and
Portugal, the nuances that may appear on other territories will probably not offer opposite or

radically different results.

Furthermore, Szerb and Vords (2021) also confirm that the founder’s cognition builds up and
overconfidence evolves to become more nuanced through experience, and it has a clear

impact on performance and success.

- One model has been
Crit2.2

developed to evaluate

and anticipate startup

Family 1 Family 2

success, combining
different internal,
Success L.
external and activity
indicators in a Bayesian
Figure 2.7 - Example of a Bayesian decision-making system (Created with PowerPoint)
system (Kofanov and
Zozul ov, 2018), which is a decision-making or inference model to determine the probability
of a hypothesis as more evidence or data becomes available. Although we were very
optimistic to see the notion of internal indicators, hoping to see human qualities taken into
consideration, however, we discovered that the only human-like indicators selected by the

authors were leadership style and educational level, which we argue are possibly not enough
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to define an internal environment. Therefore, we would rather question their conclusion that
the external environment is the most important element for startup success, since the initial
data about internal indicators seems somewhat incomplete. Still, we do agree with their
observation that startup success may only happen when all components (internal and external)

are present, which confirms the need to consider the human internal indicators.

Pierrakis and Owen (2023) focused on how different kinds of investors value human capital.
Again, the main human capital indicator they used was prior experience, which may not seem
enough to be thorough. Miloud et al. (2012) also limited human capital to prior experience.
Nigam et al. (2021) added the notion of relational capital to the equation, but we argue it is
probably still not enough. Moreover, their study was specific to India, which may also raise
cultural biases. It is interesting to observe how the human factors have been the poor cousins

of research until very recently, as we indicated earlier.

Prior experience is controversial when dealing with success, since Gottschalk and Miiller
(2022) suggest in their comparative study that failure makes the second startup experience
worse than the first one. Their view is supported by Pretorius and Roux (2011) whose
longitudinal study identified similar patterns in successive failures, which shows according to
them that the founder did not learn the lesson from their past experiences. Pretorius and Roux
(2011) give us however a precious insight, which is that to extract lessons from the past, one

needs conscious reflexion about what happened.

In order to limit self-serving biases, Freiberg and Matz (2023) conducted a large study on
founders’ personality traits using what is called “digital footprints”, observing how founders
interact with technological resources. This however appears to reflect only a part of human
traits, presupposing also that human traits can be precisely extracted from human outer

interactions, which we doubt until proven to be true.

Roundy (2022) raises concern on the possible detrimental impacts of Al for team members in
the startup ecosystem and shows that Al startups are somehow outliers in the startup world
and require special interest and consideration. It is important to keep in mind that this was
written in 2022, and the situation now in 2025 is probably already very different already,
considering the fast improvements in the field of AI. Moreover, this study tends to consider
the use of Al within internal processes, but as we will see in chapter 2.8, it is not the approach

we will follow regarding Al startups.
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Therefore, the gaps we notice in the literature confirm the necessity of our study.
2.7. CHOOSING THE INDICATORS

Almeida and Devedzic (2022) analysed 38 soft skills for startups in Portugal and Serbia and

concluded that taking emotional intelligence into account is important in startup activity.

In order to limit the number of items in the surveys, we will select indicators (prefixed with
letter I) that have already been studied individually by academics, to have concrete reference

points.

2.7.1. COMMUNICATION

Communication skills (I01) on behalf of the leaders (Men, Qin and Mitson, 2021) have been
shown to improve team engagement within 1027 Chinese startups. Although China is
culturally distant from Europe, it will be interesting to check whether the capacity to
communicate efficiently has also a positive effect on the startup within our study, should it be

on the side of the investor, or on the side of founders, or both.

The capacity to resolve conflicts (102) has also shown its efficiency for startup success (Liu
et al., 2023). This study emphasizes the importance of moderate conflicts within startups, as
they stir up creativity and improve agility, when handled properly with resilience. One key
insight from this study is that surprisingly, conflicts are a predictor of startup success, again,
when handled properly. Adham (2023) however indicates that the style of conflict resolution
is crucial to determine the outcome, which can be positive (using constructive dialogue for
instance) or negative (using open confrontation). Therefore, the capacity to resolve conflicts is

multifaceted, implying not only attitudes, but also specific communication skills.

Because of the surprising and counterintuitive effects of conflicts observed above, we will
also check whether, to a lesser extent, negative interactions (103) also impact startup success
or failure, without necessarily getting to situations of conflicts. We will consider negative

interactions on the side of founders, as well as on the side of investors.

2.7.2. INTERNAL PERCEPTIONS

Prior experience (104) appears to have a positive impact on startup success (Chen ef al.,
2024). However, the systematic positive outcome caused by past experience may be subjected

to controversies due to human cognitive biases. For instance, negative past experience may
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generate emotional stigma limiting future startup success (Pan ef al., 2022). It is also
important in our case to distinguish between the founder’s past experience, and the investor’s
past experience, as the investor probably faced different startup fails with different founders

in their career, which will provide an interesting observer perspective.

Beliefs (105) are commonly recognized by academics to have an impact on professional
efficiency (Murphy and Reeves, 2019) through the concept of “growth mindset”, as opposed
to the concept of “fixed mindset”. Nevertheless, the authors solely insist on the development
of confidence through beliefs, forgetting to address the possible impacts of overconfidence
which may negatively alter the success outcomes. Indeed, the impact of beliefs can be
negative, like in the case of incorrect beliefs about the market which could have detrimental
effects on startup success (Qiu and Jiang, 2021). This research will cover for instance the
founder’s beliefs about their ability to succeed or not, but also the investor’s beliefs about the

founder’s capacity to lead the startup to success.

2.7.3. INTERNAL COPING SKILLS

Fears (106) have also been widely covered by research, noting their negative impacts on
startup success (Dutta and Sobel, 2021), although the authors observe that having better
finances may mitigate the negative effects of fear because of the freedom money brings. Fears
may also blur the ability to assess new business opportunities (Grichnik, Smeja and Welpe,
2010). Gao et al. (2024) confirm the overall negative effects of fear of failure among almost
1000 college students with intentions to create a venture. However, it is not possible to
generalize about the universal negative impact of fear, or even the popular idea that “quantity
is the poison”, as in the case of the possible life-threatening fear of Covid-19, positive effects
have been observed on the propension of fear to seek new challenges (Zampetakis, 2022).
This shows that high-intensity fears may have negative, as well as positive effects on humans,

which could possibly also be the case for moderate or low fears until proven false.

Similarly to fears, stress (I07) is commonly recognized as a negative influence for startup
success (Drnovsek and Slavec Gomezel, 2022) but according to the authors of this 2022
research, its effects can be strongly reduced through positive affects, which points to the
possible importance of the other human factors. Kiefl et al. (2024) warn us about the fact that
excessive stress may lead to mental health disorders, with a propensity for entrepreneurs to
put themselves in danger. However, stress is also considered by academics as a possible

source of positive stimulation, since when it is controlled, it may stimulate efficiency and the
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capacity to innovate (Paresashvili and Avsajanishvili, 2023). It may develop resilience and it
may also become itself a coping skill (Ahmed et al., 2022). Positive stress is frequently
referred to as “eustress” (Pluut, Curseu and Fodor, 2022), which is a word borrowed to Hans
Selye, in opposition to “distress”. However, it is important to note that the academic literature
does not draw a clear and systematic line between “good” and “bad” stress, which means that

no generalization can be drawn. Every situation needs to be assessed independently.

2.7.4. INTERNAL TIME-ORIENTED STRATEGIES

The conscious management of time (I08) is shown to lower startup failure (Lichtinger,
Engelen and Teubner, 2023). In fact, time management is not only about reducing and
optimising time, it is also about taking enough time for conscious planning (Duchesneau and
Gartner, 1990). Time management is therefore context dependent and, following the selective
perception bias (chapter 2.2), its meaning may be significantly different individually for every
founder, just as for every investor. This again highlights the subjectivity associated with this

research.

Visualisation (109) or guided imagery is already well-implanted within sport for performance
improvement through mindfulness practices (Fadare ef al., 2022) and a meta-analysis (Si,
Yang and Feng, 2024) confirms its overall efficiency in order to improve performance and
success. Visualisation has also been tested by the militaries in the context of space missions,
and showed positive outcomes in mission efficiency (Le Roy, Martin-Krumm and
Trousselard, 2023). Therefore, although academics still show limited interest in visualisation
in the context of startup success, we will test this indicator to check whether further study

could be beneficial in the field.

2.7.5. INTERNAL ACCOUNTABILITY

Accountability (110), or taking responsibility for past failures and successes, is shown to
improve the future chances of success (Pan et al., 2022). However, the Self-Serving bias
related to Heider’s (1958) attribution theory may limit the capacity to take accountability for
failures. Therefore, this indicator will be valuable for our research, in order to find

correlations with success or failure.
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2.7.6. INTERNAL OPINIONS

Similarly to the capacity to resolve conflicts and negative interactions, we will also provide an
indicator for the founder’s general point of view on things (I11), in order to not only focus on
“negative” aspects of opinions and communication, but also stay on a more neutral vision, as
suggested by a study showing how much personal points of view leading to openness and
self-expression may impact startup success (McCarthy ef al., 2023). We want to have

polarised but also non-polarised indicators.

2.7.7. ATTITUDE

Negative attitudes (I112) may be prejudicial to founders success (Pan et al., 2022). Moreover,
negative experiences also tend to increase negativity (Shore, Pittaway and Bortolotti, 2024).
This shows a potential vicious circle connected to negativity. Therefore, we will keep this

indicator.

Inflexible attitudes, commonly referred to as stubbornness (I113), are also correlated with
startup failure (Szathmari et al., 2024). On the other hand, stubbornness can also be
manifested through perseverance or persistence, which is showed to potentially increase
startup success (Pan et al., 2022). Here again, the selective perception bias will impact this

indicator as it can be seen from two opposite angles, which can be positive or even negative.

2.7.8. BALANCE

Academic literature has interestingly covered the significant role of work/life balance (114)
for performance and success in startups (Sun, 2024). Although the study was lead within
Shanghai startups, the observation has been confirmed by a literature review made about
younger generations between 2018 and 2022 (Waworuntu, Kainde and Mandagi, 2022) whose
performance increases when work/life balance is optimal. Another meta-analysis on a larger
time-scale, from 1994 to 2023, confirmed the significant increase in performance when
properly balancing work and life (Ariasari and Tjahjono, 2024). It is important to note the
apparent subjectivity of this indicator, as every individual may assess differently what a

work/life balance is, and most of all, what a balanced work/life balance is.
2.8. WHAT AN AI STARTUP IS

Bessen et al. (2023) define Al startups as a venture that develops and sells Al products. Their

vision is product centred, not considering service driven companies. With a different
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approach, Jorzik et al. (2024) suggest another vision and consider an Al startup to be one
having an Al-driven business model for innovation. Di Bernardo et al. somewhat combine the
first two visions and consider an Al-oriented startup to be one that has a business model based

on “Artificial Intelligence-centred solutions” (Di Bernardo et al., 2021).

There is no academic unanimity on this definition. However, the first definition proposed by
Bessen et al. (2023) ignores service-oriented companies. Therefore, we will not take it as is.
The second definition is interesting but is very vague about how Al is indeed being used. If a
founder uses ChatGPT to query about innovative concepts and uses the answers to improve
his business model, would it then be an Al startup? Such a definition would not be clear in

our survey.

Therefore, to clarify the concept for the respondent, we will develop Di Bernardo et al.’s
(2021) definition combined with Bessen et al.’s (2023) definition, and define an Al-oriented
startup as being a startup whose services or products offered to the clients involve a regular or
systematic or automated use of Al tools. We could also focus on Al within internal processes
of the startup but since now a vast majority of tools are based on Al (Accounting tools,
Microsoft CoPilot, ChatGPT, ...), such a definition would probably bias the qualification.

Therefore, we will keep the definition based on the service or product offered to the client.
2.9. WHAT STARTUP SUCCESS AND FAILURE ARE

The literature offers very different approaches of what startup success or failure is. While
Keogh and Johnson (2021) define it in terms of revenue and employment without giving a
precise definition, Kee and Rahman (2020) agreed in a systematic literature review that
startup success is multifaceted and is primarily based on “financial and non-financial
indicators”. However, in agreement with Zahra and Kirchhoff (2005), they decided to define a
successful startup as being a venture with a survival period of at least 5 years. Keogh and
Johnson (2021) also quote various other definitions of a successful startup from several
authors and agree that there is no precise definition of what it is or is not. Several academic
research papers discuss startup failure, but rare are the academics who suggest a concrete
definition, which is curious in terms of academic precision. How is it possible to qualify and

study something that cannot even be defined?

Pollman (2023) precises that startup failure is very poorly covered by academic literature, and

insists on the psychological aspects of non-profitable ventures who are looking for what they
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call a “soft landing” to absolutely avoid the term “failure”. This offers a reasonable

explanation for the reason why it is complicated to have unanimity on one single definition.

However, we need to be able to make it clear for the respondent so that the survey responses
remain homogenous throughout this research. Therefore, since scholars have no clear and
unanimous definition of it, we will take the same path as Kee and Rahman (2020) and Zahra
and Kirchhoff (2005), and consider that a successful startup is one which is profitable and

alive after 5 years of activity.

This definition is clear enough for respondents to be able to qualify their venture without any

doubt.

In this chapter, we have covered a detailed literature review about the academic theories used
as a basis for this research. We critically analysed what other academic authors had to say on
the subject, and we defined a clear pathway for this dissertation’s journey. Then we detailed
academically the different indicators or human factors that we will retain, and which will be

part of the survey sent to investors as well as to founders.

We showed that this whole work may be subjected to biases due to the very subjective nature

of the indicators.

In the next chapter, we will present the methodology that we are going to use in order to

achieve this research’s aim and answer the research question.
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3. METHODOLOGY
3.1.INTRODUCTION TO RESEARCH METHODS.

This chapter will present the methodology followed through this research.
3.2. RESEARCH PHILOSOPHY, APPROACHES AND STRATEGIES

Philosophically, this research tends to oscillate between the participants’ interpretations in a
form of Relativism, and a desire to structure and get insights about a possible rationale in a

form of Realism.

Since we want to try to converge the subjectivity of the topic towards possible concrete

deductions, we will follow a deductive approach.
Our strategy will be based on a survey sent to investors and founders.

The survey will be quantitative, as we want to gather as much information as possible, to

counterbalance the subjectivity of this work (Lim, 2024).

Because we want to collect specific data and have a limited time, the research will be cross-
sectional, as we will collect data at one moment in time, slightly extended because of email

deliverability constraints.

Therefore, we decided to have an exploratory deductive quantitative approach, because of the
low coverage of the topic by the literature (Saka, Osademe and Ononokpono, 2023), using a
survey as our core strategy. Although a qualitative non-positivist approach would seem to be
more fitted to the situation, as we are dealing with intangible human concepts within
intangible environments, however, the important piece for us is not to understand what in the
person’s environment makes them think one way or the other, but rather we are interested in
how this impacts the person’s reality and what conclusions can be drawn out of it. So, we

willingly take a different point of view on the situation.
The data collection and data analysis strategy will be covered in the next chapter.
3.3.DATA COLLECTION METHODS

We focused on the Likert rating scale to reduce biases of interpretation, and allow statistical
consistent analysis (Rokeman, 2024). We therefore avoid adding up subjectivity through any

kind of opened questions.
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We used the Likert probability rating scale: 1 (Not probable), 2 (Somewhat improbable), 3
(Neutral), 4 (Somewhat probable) and 5 (Very probable). We decided not to add the “I do not
know” option since the questions are all perception-oriented, therefore we consider that the

answers need to be subjective with no “emergency exit”.

Below is the list of indicators defined in chapter 2.7. Please see Appendix D01 for a

connection between the indicators and the academic theories seen in chapter 2.

Table 3.1 — The list of selected indicators

Family Indicator — What is according to you the impact of...

The ability to communicate

Communication The ability to disengage disputes

Negative interactions

' Possible past similar experiences
Internal perceptions

Positive/negative beliefs or personal convictions

) ) Fears
Internal coping skills
Stress
Internal time-oriented The management of time
strategies The ability to visualise the future of the startup
Internal accountability The ability to take responsibility for successes and failures
Internal opinions The point of view on things
Negativity
Attitude
Stubbornness
Balance The ability to have a work/life balance

These indicators will later be prefixed with “Scale” to indicate that those are the Likert-scale
indicators. They will be referred to as “the scales”, or “human factors” or the 14 indicators, in

the rest of this document.

3.3.1. THE FORM ITSELF
The whole form can be found in Appendix FOI.

Basic information is collected, like the first name, last name, email address, phone number
(for deliverability), country, their age range, their level of knowledge in Al, in communication

and in leadership and management.
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Then the 14 Likert scales indicators are surveyed for investors and founders, for Al and non-
Al ventures. The survey is proposed twice each time, one for success factors, and one for

failure factors.

Complementary questions are asked, like the number of members in the board, the number of

startups failed and succeeded by the founder, the type of investor (VC, BA, FO or other).

The respondent must check the legal consent check box and sign the form.
3.4. SAMPLE SIZE

We targeted 2438 investors, with 1537 valid email addresses through a cold email sequence

(Appendix E01). 58% of them opened the email, and a total of 35 responded (2.27%).

We also targeted 2519 founders, with 1694 valid email addresses through a cold email
sequence (Appendix E02). 48% opened the email, with a total of 24 responded (1.42%).

The response rate is somewhat low, but reasonable due to the length of the survey and the

probably busy profile of the respondents, with 7 to 9 minutes to fill it.

However, since the sample size raises questions about the reliability of the results, we will

cross-check with different statistical methods.
3.5. TYPES OF ANALYSIS ON THE DATASET

This section will present the types of analysis we will implement on the data due to their very

nature, as well as the reason for the choice of the given analysis methods.

3.5.1. PEARSON OR SPEARMAN CORRELATIONS

Most data in our dataset are the values based on the Likert scale. Likert scales are generally
considered ordinal data, which means that the interval between one value and the next one is
not necessarily equal. Although this assumption is subjected to controversy concerning
Likert-scales, research seems to favour the use of Spearman Correlations instead of Pearson
Correlations, when dealing with those scales (Winter, Gosling and Potter, 2016). The
controversy is about whether the Likert scale is indeed ordinal or not. In our case, since the
questions are dealing with pure perceptions, with words that do not express clear intervals
(VERY probable, SOMEWHAT probable, NEUTRAL), we will follow the recommendations

of Winter, Gosling and Potter and use Spearman correlations.
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3.5.2. ANOVA OR KRUSKAL-WALLIS FOR SIGNIFICANT DIFFERENCE

The same question appears in the evaluation of significant differences. Likert scales being
non-ordinal for our purpose, the use of Kruskal-Wallis appears to be preferred to Anova,
according to Koo and Yang (2025). For the same reason we mentioned in the previous

subchapter, we will follow Koo and Yang’s recommendation and use Kruskal-Wallis.

We need to define a threshold, to decide whether a Kruskal-Wallis result is statistically
significant or not. Although subjected to debate in science literature, we will refer to a study

providing a scientific basis to use the value 0.05 as a threshold (Andrade, 2019).

In the case there are only two non-ordinal groups, the Mann-Whitney test is commonly
preferred, but Kruskal-Wallis with two groups is equivalent to Mann-Whitney, and offers the
advantage of allowing to increase the amount of groups (Lachin, 2011). Therefore, we will

use the Kruskal-Wallis test even with two groups.

3.5.3. MACHINE LEARNING ANALYSIS

With a dataset of 144 entries, the question arose whether to do machine learning or deep

learning analysis of the data.

Small-size datasets may promote overfitting and therefore make false generalizations based
on random variations (Charilaou and Battat, 2022). Therefore, we will use exclusively
traditional statistical methods (Spearman correlations and Kruskal-Wallis tests) on this
dataset, which provide robust and proven results. With a larger dataset, we would have used
machine learning to find patterns and correlations in the data and possibly create a predictive

model of success for startups. This could be a very interesting further study.

3.5.4. JACKKNIFE RESAMPLING TO CHECK STABILITY

Because of the small dataset, it is useful to check the stability of the most statistically
significant results through Jackknife resampling, which (1) reduces biases by recalculating
iteratively the p-values or slopes on the complete dataset minus each individual data, (2) and

helps detect outliers or unstable results.
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3.5.5. COX PROPORTIONAL HAZARDS REGRESSION MODEL

To crosscheck the results, we apply the Cox proportional hazards regression model to confirm
or contest the findings. The Cox model is not considered as a Machine Learning model, but is
often used as a benchmark in the case of survival analysis involving ML, with similar results
(Wang et al., 2022). Therefore, although we will not directly use Machine Learning on our

dataset, we will have similar results.

The Cox model is a survival model, especially used in clinical research to evaluate the
chances of survival of patients. We will apply it to the survival of the startup, as it will give us

precious insights about the factors that could accelerate startup “death” or “survival”.

This chapter showed the methodology employed to answer this dissertation’s question. The

next chapter will discuss the results, and the findings extracted from the answers.
3.6. STEPS TO WORK ON THE RAW DATA
The raw data is accessible exclusively to RKC and UoC for verifications purposes.

The data has been anonymized, streamlined and void cells have been filled (see Appendix

F02) within a CSV file.

The curated data has been integrated to Google Colab for analysis, with Python language, to
control how data is being. The link to the Colab space can be found in Appendix F03.

3.7.ETHICS

Both surveys were oriented towards professionals (with Linkedin Sales Navigator and
Lemlist). Therefore, we had the possibility to contact them directly on their professional email

addresses while respecting GDPR rules.

Appendix E03 shows the approved ethics form which details how ethics have been managed

throughout the research.

The end of the survey shows the consent form that the participant had to digitally sign
(Appendix E04, or Appendix FO1 to see the full survey).

Given the length of the survey, a complementary informed consent message has been sent by
email to summarize and detail even more the context to the participant, so that they might be

fully informed of their rights, as well as the use of their data. Since email deliverability is an
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issue, the participants has been informed in the survey’s consent that they will receive a

complementary email.

All the identifiable information has been totally anonymized. The only personal information
is the age, and to assure the anonymity, the age has been asked in 10-year increments. The
other critical pieces of information are the Likert scale evaluations which are only based on
personal perceptions. Therefore, the data used for this research is “safe” regarding personal

rights.
3.8. VALIDITY OF THE RESEARCH AND DATA

To ensure the validity of the data, especially dealing with the number of startup success and
failure, it was necessary to give a precise definition of startup success and failure (Chapter
2.9) as well as a precise definition of what an Al startup is (Chapter 2.8). This precaution at
least prevented false rational evaluations. However, the cognitive biases we mentioned,
including the Selective Perception Bias (SPB) may have induced the respondents to wrongly
qualify their successes and failures (possibly for example by “hiding” some of their failures).
One possibility to limit this risk would have been to do post-survey personal interviews,
challenging the answers to help the respondent clarify the reality. However, due to the
important length of the survey, this second step would have even further limited the number
of respondents. Therefore, we decided to accept the risks connected to human biases, as the

most important answers are in the field of individual perception, through the Liker scales.

Moreover, one other constraint we anticipated was the lack of motivation on behalf of
founders and investors to answer our survey. We needed to find how to give them enough
motivation to invest their time in this research, while maintaining the reliability of the
answers. Therefore, the counterparty needed to have a reasonable value to avoid random

“self-serving” answers.

We decided to offer to the respondents, whose answers would be valid for the study, an online
training which provides value to both investors and founders, which is a “Speed Reading”
training. Even though there could have been a risk of complaisant response to get the training,
we considered that the profile of the respondents (investors and founders) as opposed to the

“low value” of the training, mitigated that risk, while possibly increasing the response rate.
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3.9.RELIABILITY OF THE RESEARCH AND DATA

Because of the limited number of responses (144), to validate the reliability of the research,
we decided to check the consistency of the Spearman / Kruskal-Wallis results with a
Jackknife resampling. For instance, Chapter 4.1.4 shows a stability ratio of 100%.

The worst stability observed was in Chapter 4.4.1 where the impact of failure and success

showed a moderate instability.

Therefore, to “double-check” the consistency of the results, we wanted to oppose the previous
results with a Cox proportional hazards model which showed overall a 0.8038 concordance
index, indicating that the model is able to rank failure risk properly slightly more than 80% of

the time.
Therefore, those checks confirm the reliability of the research analysis.

Furthermore, to prevent researcher’s biases, which could have led to an “oriented” piece of
research, we decided to explore seven different angles related to the data, which are (1) Al
versus non-Al startups (Chapter 4.1), founders versus investors (Chapter 4.2), the impacts of
age (Chapter 4.3), the impacts of failures and successes (Chapter 4.4), the experience from
failed startups (Chapter 4.5), first time founders versus serial founders (Chapter 4.6) and the

insights from the Cox proportional hazards regression model (Chapter 4.7).
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4. RESULTS, FINDINGS AND ANALYSIS

In this chapter, we will explore the findings stemming from this research and analyse the data

collected within the previous chapter.
4.1. AT VERSUS NON-AI STARTUPS

A Spearman Correlation matrix applied individually on Al startups and non-Al startups will

be the basis for this section (see Appendix GO1).

4.1.1. AI STARTUPS

Spearman Correlation Between All Indicators and Success (Al Startups) - Final

soe
Startup Members of The soard -
Scale Life Balance 0.54
Scale Assume Responsivity - L o
Scale Time Management - 0.12
Scale Capacity To Disengage Disputes - 0.10
Scale Beliefs - 0.04 -0.2
Scale Stress - 0.02
g Scale Capacity To Visualize - 0.02
E Scale Past Experiences - 0.01 - 0.0
2 Scale Stubbornness - -0.03
Scale Point of View - -0.11
Scale Negativity - -0.18 - 02
Scale Negative Interactions - -0.19
Scale Capacity To Communicate - -0.23
Scale Fears - o)zl
— -0.4

Knowledge In Communication . .

0.34
Krowiedge In Leadership And Management - A

Knowkedge In Al

Spearman Correlation with Success (Al)
Correlation Coefficient

Figure 4.1 — Success for Al startups

We observe that the two most important factors to Al startup success are the age of the
founder (0.62) as well as the number of members in the board (0.60). Human factors like the
perception of the impact of work/life balance (0.54), assuming responsibility (0.45) and time

management (0.12) rank only next.

The importance of the number of members in the board (regardless their quality) for Al
startups may be connected to the high stakes leading to the need of securing the startup with

more experts.

Page 43 /122



4.1.2. NON-AI STARTUPS

Spearman Correlation Between All Indicators and Success (Non-Al Startups) - Final

Scale Stress - l 0.4
Scale Point of View - 0.16
Scale Negativity - 0.15
Scale Capacity To Disengage Disputes - 0.12 [t
Scale Capacity To Visualize - 0.12
Knowledge In Communication - 0.12 - 02
Scale Assume Responsibility - 0.10
g Scale Time Management - 0.07 -0.1
§ Age - 0.02
2 Scale Stubbornness - -0.00 0.0
Scale Capacity To Communicate - -0.01
Scale Fears - -0.05
Knowledge In Leadership And Management - -0.08 =0k
Scale Negative Interactions - -0.12
Scale Life Balance - -0.13 - 0.2
Scale Beliefs - -0.16
Startup Members Of The Board - —0.3
Knowkedge In Al

Spearman Correlation with Success (Non-Al)
Correlation Coefficient

Figure 4.2 — Success for non-Al startups

For non-Al startups, the most prominent influencers are all human factors, like how much the
founder values the perception of the impact of past experiences (0.47), then stress (0.28), then
the point of view on things (0.16), followed by negativity (0.15) and the capacity to disengage
disputes (0.12). This correlates with Pierrakis and Owen (2023) and Miloud et al. (2012) who

used past experience to qualify human capital.

4.1.3. ACADEMIC KNOWLEDGE

It is intriguing to notice that for Al startups, the three least important elements for success
(with even negative correlations) are the founder’s level of knowledge in Al (-0.60), then their
knowledge in leadership and management (-0.57) and then their level of knowledge in

communication (-0.34).

For non-Al startups, the founder’s level of knowledge in Al is also last (-0.36), which is
understandable, but there is a positive correlation between success and knowledge in
communication (0.12) and almost no correlation with the level of knowledge in leadership

and management (-0.08).

Within Al startups, it is plausible that the board has one or more Al experts. We hypothesise

that the need for the founder to be well-educated in Al could therefore be reduced.

Concerning the level of knowledge in Leadership and Management or L&M (-0.57 for Al

startups and -0.08 for non-Al startups), we are facing an obvious bias as we did not clarify
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what L&M includes, since it is not only a set of techniques, but also an attitude (mindset). The
negative correlation could reflect the fact that the best techniques could be insufficient to

counterbalance wrong leadership attitudes.

Knowledge in communication (academic degree, self-learned of none) is also very intriguing,
because within Al startups, the correlation to success is negative (-0.34), whereas it is low but
positive for non-Al startups (0.12). It seems to indicate that education in communication does
not clearly correlate with startup success. Further study could clarify this aspect which may be

subjected to biases.

4.1.4. KRUSKAL-WALLIS TEST AND JACKKNIFE RESAMPLING

The Kruskal-Wallis test (Appendix G01) reveals that the only statistically significant
difference between Al and non-Al startups to qualify success, with a p-value lower than 0.05,

is the number of members in the board (p-value=0.04).

At the first sight, it is complex to draw conclusions about this data because the survey only
covers the number of members, not their quality, and this triggers the logical question about

quantity versus quality.

We validated the stability of this result by applying a Jackknife resampling, which perfectly
fits small datasets. The result offers p-values ranging from 0.0002 to 0.0154, with a 100%

stability ratio, which shows that this observation is indeed supported across the whole dataset.
4.2. FOUNDERS VERSUS INVESTORS

In this section, we will focus on the most important perception differences between founders

and investors (See Appendix R0O1).
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4.2.1. STARTUP SUCCESS FOR FOUNDERS AND INVESTORS

Traits with a Significant Difference Between Founders and Investors in Success Perception (Sorted by Importance):
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Figure 4.3 — Investors and founders regarding startup success

The Kruskal-Wallis test reveals that investors consider the impact of fear to influence the

success of startups significantly more (p-value=0.0114) than founders do.

The next elements that show a statistically significant difference are work/life balance (p-
value=0.0252) higher for founders, past experiences (p-value=0.0256) higher for investors,

and the capacity to visualise (p-value=0.0441) also higher for investors.

At the opposite of the spectrum, the elements on which investors and founders agree most are
the impact of stubbornness (p-value=0.7760) followed by the impact of beliefs (p-
value=0.7632) and the impact of negativity (p-value=0.6659).
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4.2.2. STARTUP FAILURE FOR FOUNDERS AND INVESTORS

Traits with a Significant Difference Between Founders and Investors in Failure Perception (Sorted by Importance):
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Figure 4.4 — Investors and founders regarding startup failure

Regarding startup failure, investors consider the impact of stubbornness to influence the
failure of startups significantly more (p-value=0.0033) than founders do. Then, we find the
impact of the capacity to visualise (p-value=0.0196), followed by past experiences (p-

value=0.0398).

The elements on which investors and founders agree most are the impact of beliefs (p-
value=0.8937), then work/life balance (p-value=0.6898) followed by fears (p-value=0.4618)
and stress (p-value=0.4243).

According to Heider’s attribution theory, focusing on the fundamental attribution error
(chapter 2.2), investors should theoretically attribute the failures to founder’s human traits.
Therefore, we should expect to see higher evaluations for investors on the indicators. Indeed,
in the ranking, the 11 top human indicators are higher on the investor’s side, which means that

this dataset seems to confirm the fundamental attribution error in the attribution theory.

Similarly, according to the self-serving bias (chapter 2.2), we should see founders attribute
their failure to external factors rather than human factors. Therefore, we should see lower
evaluations for founders on the indicators, which is exactly the case in this dataset for the 11

top human indicators.
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It is also interesting to note that in startup success, investors and founders most agree on the
perception of stubbornness (maximum p-value of 0.7760): “The founder succeeded because
of their persistence”. But in the case of a failure, they most disagree on the perception of
stubbornness (minimum p-value of 0.0033) where the investor considers that the startup failed
due to the founder’s stubbornness (recalling again the fundamental attribution error), and the

founder disagrees about the impact of this personality trait (recalling the self-serving bias).

4.2.3. CORRELATION WITH SUCCESS AND FAILURE

Correlation Between Scales and Success/Failure Perception (Sorted by Strength)

pesl 02
Scale Point of View - 018
Scale Capacity To Communicate -/ 012 -0l
Scale Life Balance - 012
n Scale Time Management - 011
% - 0.0
b Scale Beliefs - 011
Scale Capacity To Disengage Disputes - 0.05
Scale Stubbornness - 0.11 - 0.1

Scale Stress -
Scale Negativity -
Scale Negative Interactions -}

Scale Fears

|¢“
N I
() w

Spearman Correlation with Success/Failure
Correlation Coefficient

Figure 4.5 — Correlation between scales and success/failure perception

The Spearman correlation shows that among all the indicators, regardless of the nature of the
startup and of the profile of the respondent, the four ones which are most correlated to success
or failure are the perception of the impact of (1) accountability (0.27 coefficient), (2) past
experiences (0.20 coefficient), (3) the capacity to visualise (0.20 coefficient), (4) the point of

view on things (0.18 coefficient).

In chapter 2.6, we saw that Pierrakis and Owen (2023) as well as Miloud et al. (2012) used
prior experience as the main qualifier of human capital. We suggest that adding accountability
to prior experience could lead to better results within the mix of Al and non-Al startups,

according to this dataset analysis.

(See the calculation in Appendix R03)
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4.2.4. SPLITTING BETWEEN AI AND NON-AI STARTUPS

Comparison of Perceived Scale Awareness: Al vs. Non-Al Startups

B Al Startups
I Non-Al Startups

Average Scores
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Scale Fears
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Scale Capacity To Visualize
Scale Assume Responsibility
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Scale Capacity To Communicate
Scale Life Balance

Scale Negativity

Scale Stubbornness

Scale Negative Interactions

Scale Capacity To Disengage Disputes

Figure 4.6 — Perceived scale awareness between Al and non-Al startups

When making a distinction between Al and non-Al startups, regardless of success or failure,
we can observe that the Al founder is more aware than the non-Al founder on 10 indicators,

except for the impact of Stress, negativity, negative interactions and work/life balance.

In the Kruskal-Wallis test (shown in Appendix R07), we find no statistically significant
difference between Al and non-Al startups. One criterion is however “on the edge” of being

statistically significant, which is the impact of the capacity to visualise (p-value=0.054).
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4.3. THE IMPACTS OF AGE

Impact of Age on Scale Awareness (Success Only)

ey ) - ] 475

424
Scale Fears - 400 350 346 139
— 450
Seala fhst ExpaTmaces “ “

418 .
- 4.25

Scele Trme Management 1 b “

Scale Point of View - 382 ¥ 06
Scale Capacity T Visualize L 400
g Scale Assume Responsibility 450
®
Scale Capacity To Communicate - 418
Scale Capacity To Disengage Disputes - 373 350
Scale Life Balance - 418
Scale Negativity - 182 325
Scale Stubbomness - a18
Scale Negative interactions - 391 o
1“39
Average - 4.12 3.88 3.90 4.16
Variance - 0.85 0.84 1.19 0.7
Standard deviation - 0.89 0.94 1.06 0.85
Number of respondents - 1" 16 28 1T

Figure 4.7 — Impacts of age on indicators' awareness for success

Figure 4.7 shows that the average perception of the 14 indicators is highest for the oldest age
group (average 4.16 with the lowest standard deviation), followed closely by the youngest age
group (average 4.12), however, the standard deviation keeps growing through the age ranges
and finally drops to its minimum for the older group. We may conclude that age and
experience could contribute to developing a more unanimous opinion about human factors

being important.

The lowest average perception is for the 30-40 age group (average 3.88), and then it gradually
increases. This may seem contradictory to the common idea that awareness increases with age

and experience, as the average curve is U-shaped.

Total Successes, Failures, and Percentage of Success by Age Group
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Figure 4.8 — Total successes and failures by age group
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The figure above shows that the highest percentage of success (in blue) is reached after the
awareness slope we just mentioned (which means at 40-50 years old), when the perception

starts to raise again right after having reached its minimum.

The drop of the percentage of success for age group 50+ may be multifactorial. Some reasons
may be (1) the Lemlist algorithm that possibly pushes younger people’s profiles above older
ones, or (2) the fact that older people probably have less opportunities to be funded for their
projects, with therefore less successes for non-bootstrapped startups, or (3) the small amount
of data points for 50+ years old with only 2 startups, or (4) the paradox that although older
people realize more than others the importance of the human factors, still, they are faced with
a possible decline in their ability to implement those attitudes and behaviours the right way

(Plys et al., 2023) which could in turn explain this paradox.

Please refer to Appendix R04 for detailed calculation.

4.3.1. ATl VERSUS NON-AI STARTUPS

Table 4.1 — Age Group Summary Statistics (Success Only)

Age Al average | Non-Al average
20-30 4.30 4.01
30-40 3.89 3.87
40-50 3.92 3.88

50+ 4.29 4.12

It is worth noting, when looking at the differences between Al and non-Al startups (see above
or Appendices R0O8 and R09 for details), that in each age group, Al startups score more in the

average perception awareness of our indicators.

Appendix R10 shows that the Kruskal-Wallis test shows no statistically significant difference

between Al and non-Al startups.
4.4. IMPACTS OF FAILURES AND SUCCESSES

This section will focus on the impacts of failures and successes over the perception of the 14

indicators. Please refer to Appendix R02 for detailed data.
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4.4.1. FAILURES

Impact of Number of Failed Startups on Scale Awareness
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Figure 4.9 — Impact of the number of failed startups on the indicators

Concerning the influence of failures, a paradox appears. On the one hand, we observe that the
more they fail, the more they realize the importance of the impact of assuming their own

responsibility (this criterion is steadily increasing at each new failure, from 3.82 to 5.00). But
on the other hand, the average perception of the 14 indicators increases up to 2 failures (from

3.69 to 4.29) and then decreases systematically with each new failure.
We may formulate three hypotheses to explain this phenomenon.

The first hypothesis is that considering the observation (chapter 4.2.1) that investors diverge
most with founders about their stubbornness, this could indicate that after about 2 failures,

founders begin to be less congruent or perhaps even “lie to themselves” more.

The second hypothesis is the cognitive dissonance bias, which might be stimulated after a 2
failures and which might entrench the overconfidence bias, as suggested by Szerb and Voros
(2021). This hypothesis would support Gottschalk and Miiller (2022) as well as Pretorius and

Roux (2011) in their idea that failed experiences do not improve future results.

We conducted a Jackknife resampling test to check the stability of the observation that the
third failure decreases the awareness of the indicators. The results confirm that the threshold

is at 3 failures. The slope variance on the Jackknife resampling is equal to 0.0366, based on a
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post-threshold slope of -0.833, which shows moderate instability. The differentiation between
Al and non-Al startups provides similar instability (see Appendix R12). Therefore, the third
hypothesis is a bias due to the limited quantity of data, because of the moderate instability of

the Jackknife test.

Absolute linear regression slope with failures
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Figure 4.10 — Absolute linear regression slope with failures

As we observe the absolute value of the linear regression slope with increasing failures, we
observe that the criteria which evolve most in the case of failures are the perception of the
impact of fear (-0.4159 slope), negativity (-0.2894 slope), then assuming responsibility
(+0.2463 slope).

4.4.2. SUCCESSES

Impact of Number of Succeeded Startups on Scale Awareness

5.0

Scale Fears - 372 2
= e 5 T 45
- - a0

Scale Past Experiences - 328
Scale Time Management - 4.00
|
Scale Point of View - 383
Scale Capacity To Visualize - 383
-35
P Scale Assume Responsibility - 378
o
@ Scale Stress - 328 356 400 3.00
I -30
Scale Capacity To Disengage Disputes - 317 356 367 350
Scale Life Balance - 356 EX-2
Scale Negativity - 361 375
Scale Stubbornness - 383 350
Scale Negative Interactions - 350 356
' |
° ~
Number of Succeeded Startups
Average - 3.72 3.73 4.07 3.50
Median - 375 3.72 4.08 4.00

Figure 4.11 — Impact of the number of failed startups on the indicators
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Concerning the impact of successes, the same phenomenon appears. Up to 2 successes, the
average perception increases, and then, it starts decreasing, while the impact of assuming

responsibility grows constantly with every success.

Absolute inear regression slope with successes
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Figure 4.12 — Absolute linear regression slope with successes

In the case of successes, the most impacted indicators are the perception of the impact of fears
(-0.6125 slope), then negativity (-0.4500), then the capacity to visualise (-0.3875), and
assuming responsibility (+0.3792 slope).

It is interesting to observe that there is a strong similarity between the slopes of the top 5
human factors in the context of successes (Figure 4.12) as well as in the context of failures
(Figure 4.10). The same tendencies appear, but with systematically a steeper slope in case of a

SuUcCCess.

4.4.3. THE NEGATIVE SLOPE PARADOXES

It may be surprising that the impact of the perception of fear decreases both in failure (-
0.4159) as well as in success (-0.6125), but a meta-analysis on fear (Tannenbaum et al., 2015)
shows that it is usual to have it decrease even after a negatively-perceived event. Indeed, fear
is often connected to unknown situations, and by habituation, a failure becomes less unknown

after it happens, therefore fear decreases.

Three other indicators decrease both in success and failure, namely the perception of the
impact of negativity, the capacity to visualise and negative interactions. The decrease in case
of failure could be understood through the prism of the self-serving bias (chapter 2.2). Since
the founder will tend to attribute failures to the external environment, it is understandable that

the perception of the impact of those internal factors would decrease through reinforcement,
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but only up to a point in time when a certain maturity appears (Plys ef al., 2023), which is
exactly what we observe for the 50+ group, where the perceptions of the impacts of the

human factors suddenly increase to their maximum, in agreement with Plys et al (2023).

4.4.4. THE POSITIVE SLOPES

The perception of the impact of assuming responsibility has a positive slope for failure
(0.2463) as well as for success (0.3792). This in turn does not comply with Plys et al.’s (2023)
observation. We suggest the reason might be directly connected to the self-serving bias
(chapter 2.2). By attributing failures to the outside and successes to the inside, the self-serving
bias may also be subjected to reinforcement by repetition. A bias, per se, tricks the mind of
the person who experiences it. Therefore, it is possible that the more the person attributes the
responsibility of their failure to the outside, the more their mind is tricked into believing they
are accountable and can safely be even more accountable, since the bias makes them not

guilty.

4.4.5. A1 VERSUS NON-AI STARTUPS

Traits with a Significant Difference Between Al and Non-Al Startups in Success Perception

£
p-value

Founder and Invester Means

Al strup Mean s Non A Startup Mean  eegeep vilug

Figure 4.13 — Traits with a Significant Difference Between AI and Non-Al Startups in Success Perception

The Kruskal-Wallis test above (see Appendix R10) shows that in the case of successful
startups, the statistically significant difference between Al and non-Al startups are the
perception of the impact of time management (p-value=0.0240), then the point of view on
things (p-value=0.0497), followed closely by the capacity to visualise (p-value=0.0549). In all
those cases, Al startup founders are more sensitive to human factors than non-Al startup

founders, as already observed in chapter 4.3.1.

There is no statistically significant difference between Al and non-Al failed startups.
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4.5. EXPERIENCE FROM FAILED STARTUPS

It is commonly heard that people learn from their failures. Therefore, we will compare the

difference in perceptions for founders who experienced few failures versus more failures.

With a smaller granularity, to limit biases, we will dismiss datasets with only 1 or 2 items.

We will split the low and the high-failure groups using the median, to have equivalently sized

datasets.

4.5.1. FOUNDERS WITH LOW VERSUS HIGH FAILURE RATES

See Appendix ROS.
Impact of Number of Successes on Scale Awareness (Low Failure)
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Figure 4.14 — Impact of the number of successes on scale awareness (low failure)

3.50

3.00

3.82
3.75
1.44
1.15

5.0

- 4.5

4.0

-35

-3.0

2.0

15

For the low-failure group, each new success systematically increases the average perception

of the human factors, while systematically reducing the variance, which shows a converging

perspective globally on all the indicators. This seems to confirm that there might be a

correlation between successes and the awareness of human factors.
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Impact of Number of Successes on Scale (High Failure)
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Figure 4.15 — Impact of the number of successes on scale awareness (high failure)

In the case of the high-failure startup group, the pattern changes and may seem paradoxical.
Indeed, the first success after several failures reveals a decrease in the perception of the
indicators, and a doubling of the variance, which shows a much more mitigated perception
about each individual indicator. It is only after the second success that the perception of the

impact of the indicators increases, while the variance decreases.

This paradox could be linked to the cognitive dissonance bias, as well as to the “stigma”
generated by successive failures which may create a phenomenon of distrust on the first
experience. One dissertation clearly shows this precise pattern, but it is only a partial
fulfilment of a PhD dissertation (Lee, 2017). Therefore, until academically proven true, we

will consider this hypothesis as a supposition.

The high-failure group is, in this dataset, systematically higher than the low-failure group in

the perception of human indicators. Each indicator could be the object of a study by itself.

The general Kruskal-Wallis test (see Appendix R06) however reveals that there is no specific
indicator that would show a statistically significant difference between low-failure startups
and high-failure startups regarding their average perception of human indicators. The increase

in the perception is globally homogenous.
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4.5.2. AT VERSUS NON-AI STARTUPS
Please refer to Appendix R0O6 for detailed results.

In the case of Al startups, there is no statistically significant difference between low and high

failure startups groups.

However, in the case of non-Al startups, three human indicators stand out, which are the
perception of the impact of [1] time management (p-value=0.024), [2] stubbornness (p-
value=0.029) and [3] negative interactions (p-value=0.034).

4.6. FIRST TIME FOUNDERS VERSUS SERIAL FOUNDERS

Regardless of the number of failures, we will dive into the difference between first time

founders and serial founders. See Appendix R15 for the detailed results.

Difference in Human Factor Ratings: Serial Entrepreneurs vs. First-Time Founders
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Figure 4.16 — First-time versus serial founders

Figure 4.16 shows in red the human factors rated higher by first-time founders, and in green,
the human factors rated higher by serial founders. The graph is based on raw mean
differences:

(Difference — MeanSerialFounder _ MeanFirstTimeFounder)
We observe a significant shift of perspective as the founder succeeds in their first startup.

First-time founders attach more importance to the impact of negative interactions and beliefs,
while serial founders attach more importance to all the other factors, especially assuming

responsibility and the capacity to disengage disputes.
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How Failure Experience Changes Perspectives on Human Factors
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Figure 4.17 — The impact of failure on human factors

Figure 4.17 shows how the perception of the human factors changes after failures occur.
Green bars mean founders with failures rated the indicator higher than those without. Red
bars mean founders without failures rated the indicator higher than those with failures.

(Difference = MeanHasFailure _ MeanNoFailure)

We observe that the most impacted human factors when a failure occurs are the perception of
the impact of [1] assuming responsibility (+1.25 points), [2] the capacity to visualise (+1.10
points) and [3] fears (-1.00 points).

The difference between Al and non-Al startups could not be calculated due to insufficient

data.

4.6.1. HOMOGENEITY AND HETEROGENEITY
Looking closer at Figure 4.16 and Figure 4.17, one can observe two different situations.

One homogeneous example is the impact of assuming responsibility. Serial founders value it
much higher than first-time founders (0.46 points). Similarly, failed experiences strongly

increase (1.25 points) this indicator, which makes sense.

On the other hand, one heterogenous example is the impact of the capacity to disengage
disputes. In Figure 4.16, we can observe that serial founders value it much more than first-
time founders (0.46 points), which rationally makes sense. But Figure 4.17 shows that a
failure drastically decreases this perception (-0.70 points), which may seem illogical.
However, one possible interpretation could be that serial founders learn that avoiding
unnecessary disputes may save time and energy, thus increasing the valuation. But those who
experience failure might specifically learn that sometimes, confronting problems more

directly can be necessary, instead of just disengaging them.
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4.6.2. SERTAL FOUNDERS’ EMOTIONAL INTELLIGENCE

Serial founders have a higher perception of the impact of accountability (taking responsibility,
0.46 points), visualization (interiorization, 0.38 points) and conflict resolution (0.46 points)
for instance, compared to first-time founders, which may create a bridge between success and
emotional intelligence. This seems to align with Coté and Miners’ (2006) who argue that

emotional intelligence can compensate technical gaps in high-stakes environments.
4.7. COX PROPORTIONAL HAZARDS REGRESSION MODEL
See Appendix R13 for details.

The Cox proportional hazards regression model appears to be trustworthy, with a concordance
index of 0.8038, which means that it ranks failure risk correctly between startup pairs

approximately 80% of the time.

The Cox model focuses on startup survival and confirms the observations made in the

previous chapters (see Appendix CO1 for the detailed Cox confirmation table).

4.7.1. IMPACT OF HUMAN FACTORS ON STARTUP FAILURE RISK

Human Factors: Impact on Startup Failure Risk
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Figure 4.18 — Cox proportional hazards model for startup failure risk

Figure 4.18 offers a clear distinction between what the model considers to be protective

factors (lowest green values), as well as risk factors (highest red values) for survival.

It shows that fear represents a 18% higher failure risk factor for startups, stress 11%, and
negativity 9 to 10%. On the other hand, assuming responsibility reduces by 21% the risk of

failure.
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4.7.2. IMPACT OF CONTROL VARIABLES ON STARTUP FAILURE RISK
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Figure 4.19 — Control variables — Proportional hazards model for startup failure risk

The figure above shows that age is a concrete risk factor for startup survival, whereas the

number of members in the board as well as whether the startup is Al oriented are protective.
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Figure 4.20 — Cox failure risk factors for AI and non-Al startups
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Figure 4.20 shows the difference between Al and non-Al startup failure risk factors, ordered
by decreasing risk delta. It shows that Al startups are generally more sensitive to human
factors for their survival, confirming chapter 4.3.1°s observation. On 10 indicators, Al
startups show a higher or significantly higher risk factor for failure. Only 4 indicators show a
higher risk factor for non-Al startups, namely the impact of assuming responsibility, the

impact of work/life balance, the impact of beliefs and the impact of stubbornness.

4.7.4. RELATIVE IMPACT FOR AI VERSUS NON-AI RISK FACTORS

Relative Impact: Al vs Non-Al Risk Factors
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Figure 4.21 — Cox relative impact of Al versus non-Al risk factors

Figure 4.21 presents the relative impact, which is: Hazard ratio for Al startups divided by

Hazard ratio for non-Al startups.

Therefore, ratios above 1 represent factors with a stronger impact on Al startup failure risk,

and rations below 1 represent factors with a stronger impact on non-Al startup failure risk.

We see that most of the human factors impact Al startups much more than non-Al startups, as

confirmed in chapter 4.3.1.
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4.7.5. MISALIGNMENT RISK MODEL

Risk score for Non-Al startups Risk score for Al startups

20 292

Figure 4.22 — Misalignment risk model

Based on the Cox model, an investment risk model has been calculated (see Appendix R14

for details). The misalignment risk scores can be low (<20), moderate (20-25), or high (>25).

Al startups show a higher perception misalignment risk both for success (29.2>21.0) and
failure (30.1>23.9), which indicates a greater potential for conflicts between investors and
founders in Al startups, in case of a failure, but also in case of success. This can be
understood through the high stakes and valuations, and possibly the human desire to control

the outcome which may lead to conflicts.

This could also explain in some ways why Al startups are much more sensitive to human
factors for their survival (chapter 4.4.5), and this emphasizes why this dissertation

recommends founders to invest in developing their own personal human factors.

4.7.6. A1 STARTUPS SPECIFICITY

Table 4.2 — Risk reduction for Al startups

Hazard Ratio Risk reduction
Indicator p-value
exp(coef) (1 — hazard ratio)
Is Al startup? | 0.686095 0.874423 0.125577 (12,56%)

Al startups show 12,56% lower failure risk than non-Al startups (see details in Appendix
R13). Although it is not statistically significant (p-value=0.686), this result shows that overall,

Al startups have more chances to succeed, despite higher valuations and stakes.

This lower failure risk combined with the higher reliance on human factors for Al startups

(Chapter 4.7.3) seems to contradict Kofanov and Zozul ov’s (Kofanov and Zozul ov, 2018)
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emphasis on external factors, but it aligns with Roundy’s (Roundy, 2022) idea that Al startups

are outliers who necessitate more unique human-centric strategies.

Page 64 /122



5. CONCLUSION

This research addresses a notable gap in understanding how human factors (like fears, beliefs,
negativity, etc.) can influence Al and by extension non-Al startup success within the French-

speaking ecosystem.

This chapter will recapitulate the proposed research question, aim and objectives. It will then
develop the various notable findings that this research produced, and it will present the

conclusions stemming from this research.
5.1.RESEARCH QUESTION, AIM AND OBJECTIVES

As startup failure shows a fair estimate of about 90 to 95% (Allen, 2022), academics seem to
have shown very little interest about the human aspects that may have influenced those
statistics (Duong, 2022). Therefore, the research question stated at the origin of this work
was: “To what extent human factors like attitude, beliefs, behaviours, fears or stress may

affect the overall success of an Al or non-Al-oriented startup?”

This question led to the aim of exploring the influence of human factors on the success or
failure of Al and non-Al startups, by focusing on French speaking founders and investors
(who are external observers). The idea was to confront not only the vision on factors leading
to success, but also to oppose it with the factors leading to failure and see whether the
different perceptions can bring insights to better understand the connection between human

factors and success.

Chapter 2 proposes a complete critical literature review to satisfy the first objective (O1).
Then, chapter 2.8 defines the difference between an Al and a non-Al startup to satisfy the
second objective (02), while chapter 2.9 clarifies what success and failure are in the context

of a startup according to objective O3.

To satisfy the fourth objective (O4), chapter 3 develops a thorough research methodology to
study the impact of human factors on startup failure and success in Al and non-AlI oriented
startups. Then, chapter 3.6 and the following ones describe the collection of the data
necessary for objective OS5, and finally, chapter 4 consists in critically analysing and

proposing interpretations of the data collected, in order to satisfy the final objective (O6).
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In order to achieve this research, we targeted 2438 investors, with 1537 valid email addresses
through a cold email sequence (Appendix E01). 58% of them opened the email, and a total of
35 responded (2.27%).

We also targeted 2519 founders, with 1694 valid email addresses through a cold email
sequence (Appendix E02). 48% opened the email, with a total of 24 responded (1.42%).

The response rate is somewhat low, but sufficient regarding to the length of the survey which

takes between 7 and 9 minutes to fill.
5.2. KEY INSIGHTS FROM THE DATA

In line with the original aim, the quantitative analysis of 35 investors and 24 founders
revealed several key findings, namely four concerning startups in general, and three

concerning specifically Al startups.

5.2.1. INSIGHTS FOR STARTUPS IN GENERAL

The first finding for startups in general (chapter 4.7.1) concerns risk factors and protective
factors. Founder’s fears increase the risk of startup failure by 18%, agreeing with Dutta and
Sobel (2021) as well as Gao et al.’s (2024). Then, stress increases the risk of failure by 11%,
just as Drnovsek and Slavec Gomezel’s (2022) observed in their research. Furthermore,
negativity (negative interactions and negative attitude) increases by 9-10% the risk factor for
startup failure, while on the other hand, the most protective human factor for startup success
is the founder’s accountability (assuming responsibility), which reduces failure risk by 21%.
Both of these observations are in agreement with Pan et al. (2022) concerning negativity and

accountability.

Should it be an Al startup or a non-Al startup, founders may lower those risks by learning
stress management methods, as well as techniques to cope with their own fears and their own
negativity, in agreement with the 2023 meta-analysis of 104 peer-reviewed studies which
proved that EI is significantly efficient to bring the company better results and improve
performance (Coronado-Maldonado and Benitez-Marquez, 2023), as well as improve

decision-making processes (Gillioz et al., 2023).

Focusing on the difference between first-time founders and serial-founders, the second
finding for startups in general (chapter 4.6) is that serial founders value 12 human indicators

out of 14 higher than first-time founders, which emphasizes the importance of considering
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those human factors as soon as possible within the startup experience through emotional

intelligence and resilience.

The third finding (chapter 4.5.1) is that between low-failure and high-failure startups, there is
no statistically significant difference in the perception of human factors, which shows in this
dataset no particular “learning by negative experience”, in agreement with Pretorius and Roux
(2011) who observed similar patterns in their longitudinal study. However, no significant

detrimental effect was observed, unlike Gottschalk and Miiller (2022).

In this case, Pretorius and Roux (2011) suggested that in order to optimise this process and
indeed learn from the past experience, one should give the situation a structured conscious
thought and rationally think about what happened. As suggested by their research, this might

possibly have a positive impact on startup success.

Finally, the fourth finding for startups in general (chapters 4.4.1 and 4.4.2) shows an apparent
pivotal moment after two successes or two failures, where the global perception of the human
indicators drops (by 0.54 Likert points in case of failure, and 0.57 Likert points in case of
success). This pivotal moment is however questionable as the Jackknife stability test showed
only moderate stability. Even though those results are subject to doubt, it seems rational to
suggest the founder to pay a little more attention to this specific step when reaching 2 to 3

successes or failures.

5.2.2. INSIGHTS FOR AI STARTUPS SPECIFICALLY

Focusing specifically on Al startups, the first finding is that although Al startups show a
12.56% lower failure risk than non-Al startups (chapter 4.7.6), the data shows that Al startups
systematically score higher on the evaluation of the human indicators compared to non-Al
startups (chapters 4.2.4, 4.3.1, 4.4.5,4.7.3 and 4.7.5). This observation is confirmed by the
insight that out of 14 human criteria, 10 criteria represent a higher failure risk for Al startups

(chapter 4.7.4),

It appears that founders and investors should prioritize emotional intelligence training,

especially within Al startups.

The second Al-specific finding (chapter 4.7.5) points to a higher risk of misalignment
between founders and investors regarding the perception of the human factors for Al startups

(with a high risk of 30.1 points in case of failure and 29.2 points in case of success) compared
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to non-Al startups (with an average risk of 23.9 points in case of failure and 21.0 points in
case of success), which points a particular need of efficient communication in case of Al

startups.

Therefore, this research encourages founders to promote collaborative governance, which

may lower the risks in high-stakes Al complex environments.

The risk of misalignment also encourages founders to learn and work on a transparent
strategic communication strategy with investors, as well as to experience visualizing the
future of the startup, according to what even academics call “self-fulfilling prophecies”
(Madon et al., 2018) which effects can be detrimental when the protagonist visualises bad
stereotypes about the future. As in the case of Mistral valuated at 6 billion dollars one year
after its creation (Kharpal, 2024), such valuations may easily trigger conflicts and emotional
reactions. Even in the case of successes, some strategies like cleaning the cap table may

generate severe conflicts, especially when the personal interests of the founders are at stake.

The third Al-specific finding (chapter 4.1.3) reveals that all human factors correlate to success
more (with p-values ranging from -0.31 to +0.62) than the level of academic knowledge in Al

(-0.60), in leadership and management (-0.57) or in communication (-0.34).

This also points to the importance of developing emotional intelligence and resilience for
founders and investors, since as we observed, its importance has been under-evaluated by

research for the benefit of technical and economic aspects.

5.2.3. BRIDGES WITH THE MAIN THEORETICAL MODELS

Chapter 4.2.2 shows that the theoretical patterns hypothesised by Heider’s (1958) attribution
theory are indeed observed in the dataset of this research, which emphasizes the importance
for founders as well as investors to take into account their own cognitive biases. As
mentioned in the results, investors tend to prioritize founder attitudes (like stubbornness, or
bad management of fear) as failure predictors, while founders consider personal choices like
work-life balance as the main failure predictor. Therefore, investors would possibly gain
efficiency by using structured frameworks in founder assessment to counter the fundamental

attribution bias which clearly appears in this study.

According to research, cognitive biases are apparently not completely avoidable (Berthet,

2022), however, by acknowledging them, it becomes easier to develop shortcuts or heuristics
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to limit their impact (Martin and Valifa, 2023) and possibly alleviate their negative

consequences.

Therefore again, like Pretorius and Roux (2011) suggested, this research recommends each
“failing founder” to take a moment to consciously reflect on all the aspects that led them to
failure, in order to maximize their learning by experience. Investors are also encouraged to

take more into consideration the external factors that led the founders to failure.
5.1. CONCLUSION OF THE RESEARCH

The previous insights lead us to answer positively to the research question, namely that there
is a concrete impact of human factors like beliefs, fears, attitudes, stress or behaviours on the
overall success of a startup. This research also confirms that there are clear differences

between Al and non-Al startups, according to the key insights above.
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6. RECOMMENDATION

This research gives rise to several recommendations, which we will classify and order per

stake holder.
6.1. RECOMMENDATIONS TO FOUNDERS

The first and foremost recommendation to founders, especially for Al-oriented startups, is to
invest in their own emotional intelligence and resilience by learning stress management
techniques (possibly reducing by up to 11% the risk of failure), by learning also how to
reduce fears (possibly lowering by 18% the risk of failure) and negativity (9 to 10% possible
risk reduction), thereby developing behavioural flexibility and limiting the excesses of
stubbornness which appeared to be significantly important in this study. This could also help

limiting their selective perception bias by changing their internal representations.

The second recommendation to founders is, after every experience (failed or succeeded), to
take some time to think about the situation, collect feedback from external sources (to
mitigate personal cognitive biases), and assess rationally what internal and what external
elements led to the present situation, to compensate for the self-serving bias which is
confirmed by this research. A particular attention can be attached to the moment around the
second or the third failure which seems to be a specific turning point regarding human factors,

according to this research’s data.

The third recommendation to founders is to develop strategic communication skills, in order
to lower as much as possible the risks of misalignment with investors, should it be in failures,

Or even in successes.

The fourth recommendation to founders is to promote collaborative governance, which may
lower the risks in high-stakes Al complex environments, taking advantage of all the members

of the board who have a special importance, especially within Al startups.
6.2. RECOMMENDATIONS TO INVESTORS

The first recommendation to investors is to also train and invest in their emotional resilience
and intelligence, to improve their perception of the human indicators and limit the impact of
their own cognitive biases, including the over-judgment bias and the selective perception bias,

by evolving their own internal perceptions.
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The second recommendation to investors is to invest in their own strategic communication
skills, to limit the misalignments with founders and alleviate the unnecessary stress levels

which contribute to startup failure.

The third recommendation to investors is, after every failure, to take more into consideration
the external factors that led the founders to fail. Investors would benefit to make sure they
evaluate founders not only through their past experience, but they may also assess to what
degree the founder takes responsibility for the situation, as well as the founder’s ability to
visualise better outcomes, to improve the chances of success. This would allow them to limit

the effect of the fundamental attribution error bias.
6.3. FINAL OBSERVATIONS

We can observe that the dataset of this research leads to somewhat similar recommendations
to investors and founders. This is why investing in a more efficient collaborative governance

will probably be efficient to help improve the startup success levels.

Further research on more specific aspects of human factors would certainly benefit startups as

well as investors.
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7. EVALUATION OF RESEARCH
7.1. SKILLS DEVELOPMENT
The research process has been extremely valuable for me under several aspects.

First, it helped me develop an academic rigor which is especially necessary in the present era
where fake news is omnipresent. In a C-level professional context, fake news is no option,

and academic rigor is the last bastion against misinformation.

Second, this process made me realize that there are still a lot of fields where academics have
not yet put their attention, which means that there is still a lot of work to do, which is a good

thing.

Third, I could clearly understand that even though Al may be a help in many respects,
however, it can be a trap in others. Although Al systems have seriously improved, there is
still a lot of hallucinations, which showed me that in academic research, even to find relevant
papers, it is not mature yet and may lead to errors and false information. As I tried to use it to
find information, it took me more time to check and correct what Al was proposing rather

than leading the research process personally.

I needed to develop the skill of understanding when Al use is proper and useful, and where it

1s not. It took a lot of trial and error.

This is an important metaphor to professional fields where one could have the illusion that
“Al can do everything” and therefore be led into errors that could be detrimental to the

company. As an MBA, I believe this kind of maturity is an absolute advantage.

Fourth, the extremely time-consuming process showed me that time management is indeed a

choice. This is a strong lesson in efficiency.

Therefore, I would like again to give my thanks to Robert Kennedy College and the
University of Cumbria for having granted me this MBA opportunity.

7.2. LIMITATIONS OF THIS WORK

During this whole work, we observed several limitations that we will describe in this section.

Page 72/ 122



7.2.1. RESEARCH METHOD
Using the survey was interesting since there was little academic history about our subject.

However, surveys provide self-reported perceptions, which may induce biases compared to

objective behavioural indicators.

This approach may be faced with the social desirability cognitive bias, which induces that
people often talk easier about successes. That is why on everything that was declared in the
surveys, there are 23 successes and 27 failures, with a total of success rate of 46% average per

founder, as opposed to the 5 to 10% success rate commonly accepted (Allen, 2022).

The gap between our 46% success rate and the commonly accepted 5-10% shows that the
results we generated may be biased, due to the complexity of human psychology. We accept

however this bias as human psychology is complex.

The training offered to respondents as a compensation for answering the survey might also
have attracted participants just interested in the training and not about the content. However,
the niche we are addressing (startups and investors) has personal financial interest in the
subject of our dissertation. Therefore, we decided to take that risk and assume the maturity of

the respondents.

7.2.2. DURATION OF THE STUDY

Initially, we planned one month to let the participants properly answer the survey. However,
we did not consider the necessity to send daily reduced batches of emails to ensure email
deliverability. Therefore, we distributed the sending of all the emails on a period of one
month, plus one month to answer, in the case some possible respondents would be absent or
on holidays while receiving the communication. The time period being large, there might
have been environmental biases like political changes or social changes that would create
different contexts for different respondents. January 2025 was specifically marked by the
election of President Donald Trump, with a lot of political changes and possibly fears
generated worldwide, which may have generated biases throughout the two months of the

surveying.
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7.2.3. GEOGRAPHICAL CONSTRAINTS

We initially wanted to search only the French/Swiss startups. Indeed, we noticed that the
number of respondents was significatively different, as France was much more represented
that Switzerland, and the overall results were too low. Therefore, we decided to extend the
scope to French-speaking countries and add Belgium and Luxemburg. We would have saved
precious time, had we done this earlier, even though ultimately France represents 68% of

respondents, Switzerland 22% and the other countries 10%.

7.2.4. SAMPLE SIZE, SELECTION

If we had to do the work again, instead of targeting about 2500 investors and 2500 founders,
we would have doubled the targeting also because of the important number of invalid emails.
With a response rate of 2.27% for investors and 1.42% for founders, we would have had
sufficient data to conduct all the statistical analysis we wanted and have all the

differentiations between Al and non-Al startups.

To conduct machine learning models (others than decision trees), we would have needed
either to increase the response rate by limiting the number of questions (which would have

limited the scope of our analysis), or to increase the targeting even more.

We did not want to rely on already existing public startup surveys, as we had very specific

questions in mind.

The other possible bias was the Lemlist algorithm. We suppose that Lemlist search results are
subjected to an algorithm of theirs, which does not give us control over the randomness of the
results. This might possibly explain the 46% success rate (chapter 7.2.1) if the algorithm
favours successful businesses. However, we contacted Lemlist support who told us that there
was no such explicit sorting on top of the criteria the user specifies. We cannot confirm this

information as we cannot be sure that the level of information the support has is accurate.

7.3. IMPROVEMENTS

7.3.1. METHODOLOGY IMPROVEMENTS

“Cold surveys” may not give sufficient trust for respondents to reveal their failures.
Therefore, a mixed approach with a light survey and an interview may help to build up a trust

relationship and learn more about the failures.
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Partnering with incubators could help in the trust relationship leading to quality responses.
However, another conformity bias may be introduced by this choice, since the incubated
startups would already have been pre-filtered by the incubator’s internal criteria, on which we

would have no control.

Nevertheless, such a partnership could result in broader diffusion of the results of the

dissertation, and it could generate more positive changes in the realm of startups.

7.3.2. TARGETING IMPROVEMENTS

Further studies may benefit from a long-term targeting with a longitudinal study. A 5 years
tracking of 500-1000 startups and investors would allow the use of complementary machine

learning algorithms to possibly improve the predictions even more.

Apart from the targeting, split testing the emails sent to the founders and the investors would

allow maximizing the response rates.

7.3.3. RECOMMENDATIONS

We covered specific recommendations stemming from this dissertation in chapter 6

throughout the various subchapters.

However, because of the low success rates of startups, and because of the impact of human
factors discovered in this piece of work, we suggest researchers to continue to explore this
direction because one startup with the right idea could change the world. Every failing startup
is not only a loss for a founder and for an investor, but it may be a loss for the community. It
is a shame to imagine that a revolutionary idea could fail not because of technical feasibility,
but because of human factors not seen due to cognitive bias blindness. The results of this
study, although imperfect due to the many possible biases we identified, give a hope about

new research findings on startup success.

Contrary to the studies we quoted which sometimes covered individual human factors
separately, we recommend a holistic study based on machine learning to not only gauge the

individual impact of human factors, but their systemic interactions.

We also recommend introducing a notion of chronology in further studies. Knowing that one
founder failed 3 times and succeeded 4 times is interesting, but very important insights could

result from the chronology of those events. Very different conclusions could be drawn from 3
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failures followed by 4 successes, and on the other hand 4 successes followed by 3 failures, or
any different combination. Such a chronology could really answer to the questions about

learning from experience, debated in this dissertation.
7.4. THE POTENTIAL PRACTICAL VALUE OF THE DISSERTATION

The impact of human factors emerging from this dissertation may lead to new areas of
research, combining existing academic literature for instance on practical tools which might
be used to balance and work on human factors like fears, limiting beliefs, self-confidence,

stress, and so on.

This insight may bring positive changes for the founders, as they would put more emphasis on
making sure their team and themselves would be more careful about their internal state

management.

It could also bring significant changes for the investors who, becoming more sensitive to
those aspects within the founding team, could possibly make better decisions based on

validated key human elements which may increase the possible success rate.

This research gap deserves to be addressed, while taking fully into account the subjectivity

implied by this work.
7.5. FUTURE PERSONAL DEVELOPMENT

Being myself an investor in startups (through equity), this work completely changed my way
of handling possible deals. When a startup wants me in their board, I am much more careful
to the founding team’s human indicators. My relationship with investors has also changed,
since after a failure, I tend to challenge them to extract the real causes of the failure, and I do

not let them stay with their fundamental attribution error bias concerning the founding team.

I now understand much better what startups, founders and investors need and I can now
accompany them much better through emotional intelligence development tools, which I will

continue to do, but with much more efficiency after this piece of work.
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APPENDIX C01 — CONFIRMATIONS BY THE COX MODEL

Elements confirmed by the Cox proportional hazards regression model:

Observation

Confirmed by Cox proportional hazards regression model

Confirmations by Figure 4.18

Chapter 4.4.1

The most significant indicator is the perception of the impact of assuming
responsibility.
The perception of the impact of life balance, past experiences and

stubbornness are also protective factors.

Chapter 4.2.3

The impact of assuming responsibility, the impact of past experiences, the
impact of the capacity to visualise and the point of view on things are all
protective indicators, although the hierarchy does not precisely match,
except for the first one. This is not a surprise, considering the low amount

of data points.

Chapter 4.2.2
Chapter 4.4.5

The impact of the capacity to visualise is statistically significant, which is

confirmed here, as a protective factor for startup survival.

Chapter 4.2.1

In the realm of startup success, the impact of fear was the one dividing
most investors (who value it) and founders (who undervalue it), which is
clearly confirmed here with the fact that fear is the most important risk

factor for startup survival.

Confirmations by Figure 4.19

Chapter 4.1.4

The number of members in the board is the best predictor of startup
success.

Being an Al startup is also protective against failure.

Chapter 4.3

The age group of 20-30 years old have very good success rates, which
then drops. The survival model indicates that age is not a good predictor

of startup success.
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APPENDIX D01 — THE INDICATORS AND THE ACADEMIC THEORIES

Below are listed the connections we anticipate finding between each indicator and the

academic theories seen in chapter 2.

Attribution Theory (AT)

work/life balance

FAE SSB (Self- SPB EI (Emotional
Indicator — What is
(Fundamental | Serving Bias) (Selective Intelligence)
according to you the
Attribution Perception
impact of...
Bias) Bias)
The ability to communicate Yes Yes Yes
The ability to disengage
. g s Yes Yes Yes
disputes
Negative interactions Yes Yes Possibly Yes
Possible past similar .
) Yes Yes Possibly
experiences
Positive/negative beliefs or
o Yes Yes
personal convictions
Fears Yes Yes Yes Yes
Stress Yes Yes Yes
The management of time Possibly Yes Yes
The ability to visualise the
Yes Yes
future of the startup
The ability to take
responsibility for successes Yes Yes Yes
and failures
The point of view on things Yes Yes
Negativity Yes Yes Yes Yes
Stubbornness Yes Yes Yes Yes
The ability to have a )
Yes Possibly Yes
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APPENDIX EO1 — EMAILS TO THE INVESTORS

The search on Lemlist was based on the keywords “Investor” and related words (Venture
Capitalist, Business Angel, Family Office), within Switzerland, France, Belgium and

Luxembourg.

Both campaigns were led over a period of 2 months (January and February 2025), for a total

of about 10,000 emails sent (about 3000 emails on a sequence of 3 messages).
Email 1, day 0:
Dear {{firstName} },

I am Michel Wozniak and I am currently completing an MBA in Artificial Intelligence
at Robert Kennedy College (Zurich) and the University of Cumbria (United
Kingdom).

As part of my final dissertation, I am conducting an in-depth study on the human
factors that influence the success or failure of startups - whether they specialize in Al
or not, based on the observation that 90-95% of startups fail (Allen, 2022), despite

having started out with impactful ideas full of potential.

As an investor, your expertise is valuable in understanding how to better target and
support high-potential companies. By taking 6 to 9 minutes to complete a brief survey,

you will be able to:
* Discover how other investors refine their selection strategies,
* Highlight good practices to minimize risk and maximize returns,
* Access concrete data and recommendations based on rigorous analysis.

To participate, please click on the following link:

https://zfrmz.ew/LiNINLXrUtXGKIjvBIkT

Please answer conscientiously. To thank you for your participation, if your answers
are admissible, we will offer you within 15 days the training most acclaimed by
founders and investors, in Fast and Efficient Reading worth 97 euros
(https://optimistra.com/e-sle), a capital subject for broadening one's field of

competence.
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I thank you in advance for the time you will devote to this study. Please do not hesitate

to contact me if you have any questions.
Best regards,
Michel Wozniak (see my Linkedin profile)

Completion of the MBA in Artificial Intelligence at Robert Kennedy College (Zurich)
/ University of Cumbria (UK)

Click here if you no longer wish to receive communications from us.
Email 2, day 4:
Dear {{firstName} },

A few days ago, I invited you to participate in my study on the human factors that
influence the success or failure of startups, whether or not they are focused on

artificial intelligence.

This research, conducted as part of my MBA in Artificial Intelligence (Robert
Kennedy College, Zurich University and the University of Cumbria in the UK),

greatly benefits from the feedback of experienced investors such as yourself.
By taking part in this project, you will be able to:

* Obtain relevant information on the practices of other investors.

* Highlight concepts and methods to minimize risk and maximize returns.

* Improve your own selection criteria thanks to data and recommendations based on

a rigorous analysis.

If you have not yet had the opportunity to take the survey, I invite you to do so now by
clicking on the link below: https://zfrmz.eu/1iIN1NLXrUtXGKIjvBIkT

Please answer conscientiously. To thank you for your participation, if your answers
are admissible, within 15 days we will offer you the training most acclaimed by
founders and investors, in Fast and Efficient Reading, worth 97 euros
(https://optimistra.com/e-sle), a crucial subject for broadening your field of

competence.
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I sincerely thank you for your interest in this study and remain at your disposal for any

further information.
Best regards,
Michel Wozniak (see my Linkedin profile)

Completion of the MBA in Artificial Intelligence at Robert Kennedy College (Zurich)
/ University of Cumbria (UK)

Click here if you no longer wish to receive communications from us.
Email 3, day 7:
Dear {{firstName} },

You only have a few days left to complete the survey on the human factors of startup

success or failure, whether they are focused on artificial intelligence or not.

This study, carried out as part of my MBA in Artificial Intelligence (Robert Kennedy
College, Zurich, and the University of Cumbria, UK), draws invaluable value from

your contributions as an investor.
Your participation will allow you to:
* Discover how other investors refine their selection criteria,
* Highlight good practices to optimize your decision-making,
* Get an overview of the best strategies to reduce risk and maximize returns.

To contribute to this research before it is too late, please click on the link below:

https://zfrmz.euw/LiNINLXrUtXGKIjvBIkT

Answer conscientiously. If your answers are acceptable, within 15 days we will offer
you the training course most acclaimed by founders and investors, in Fast and
Efficient Reading, worth 97 euros (https://optimistra.com/e-sle), a crucial subject for

broadening your field of competence in the world of startups and investments.

I thank you very much for the time you will devote to this process. Please do not

hesitate to contact me if you have any questions.
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Best regards,
Michel Wozniak (see my Linkedin profile)

Completion of the MBA in Artificial Intelligence at Robert Kennedy College (Zurich)
/ University of Cumbria (UK)

Click here if you no longer wish to receive communications from us.

APPENDIX E02 - EMAILS TO THE FOUNDERS

The keywords used for the founders’ search were “Startup” and (“Owner” or “CEQ”), within

the same territories as the investors.
Email 1, day 0 :
Dear {{firstName} },

My name is Michel Wozniak, and I am currently completing an MBA in Artificial
Intelligence at Robert Kennedy College in Zurich (Switzerland) and the University of
Cumbria (United Kingdom).

As part of my final dissertation, I am conducting an in-depth study on the human
factors that influence the success or failure of startups - whether they specialize in Al
or not, based on the observation that 90-95% of startups fail (Allen, 2022), despite

having started out with impactful ideas full of potential.

If you are a startup founder, your participation in this research is valuable. By taking 6
to 9 minutes to complete our survey, you will contribute to a better understanding of
the key points of entrepreneurial success. The results of this study will be shared with

you to help you:
* Quickly identify the areas where you should focus your improvement efforts,
* Better understand the human factors that promote healthy growth,
* Benefit from recommendations based on concrete and validated experiences.

Click here to take the survey: https://zfrmz.eu/1iN INLXrUtXGKIjvBIkT
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Please answer conscientiously. To thank you for your participation, if your answers
are admissible, we will offer you within 15 days the training most acclaimed by
founders and investors, in Fast and Efficient Reading worth 97 euros
(https://optimistra.com/e-sle), a capital subject for broadening one's field of

competence.

This study can have a significant impact in the world of startups, we are counting on

you.

I thank you in advance for your participation and remain at your disposal for any

questions.
Best regards,
Michel Wozniak (see my Linkedin profile)

Completion of the MBA in Artificial Intelligence at Robert Kennedy College (Zurich)
/ University of Cumbria (UK)

Click here if you no longer wish to receive communications from us.
Email 2, day 4:
Dear {{firstName} },

A few days ago, I invited you to participate in our study on the human factors of
startup success or failure, as part of my MBA in Artificial Intelligence at Robert
Kennedy College (Zurich) and the University of Cumbria (UK).

If you are a startup founder, I wanted to remind you that your contribution is essential

to obtain relevant data and enrich this research.
By participating, you will be able to:

* Discover exclusive insights into the factors that influence the growth and stability

of young companies,
* Compare your challenges and strategies with those of other startups,

* Optimize your chances of success through concrete recommendations.
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Take a few minutes to answer the survey now:

https://zfrmz.euw/LiNINLXrUtXGKIjvBIkT

Also, because this study is very important to us, to thank you for your participation, if
your answers are admissible, we will offer you within 15 days the training most
acclaimed by founders and investors, in Fast and Efficient Reading worth 97 euros
(https://optimistra.com/e-sle), a capital subject for broadening one's field of

competence.

This study can have a significant impact in the world of startups, we are counting on

you.

Many thanks for your time and support. If you have any questions, please do not

hesitate to contact me.
Best regards,
Michel Wozniak (see my Linkedin profile)

Completion of the MBA in Artificial Intelligence at Robert Kennedy College (Zurich)
/ University of Cumbria (UK)

Click here if you no longer wish to receive communications from us.
Email 3, day 7:
Hello {{firstName} },

Time is running out! You only have a few days left to complete the survey on the
human factors of startup success or failure. If you are a startup founder, your
participation is crucial to enable an in-depth analysis and strengthen the reliability of
this study carried out as part of my MBA in Artificial Intelligence (Robert Kennedy
College, Zurich University and University of Cumbria, UK).

Why is this important?

You will benefit from priority access to the conclusions and recommendations

resulting from the research.
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You will have the opportunity to compare your approach with other startups and thus

adjust your strategy.

You will directly contribute to advancing knowledge on the keys to entrepreneurial

SucCCess.

Act now by responding to this survey: https://zfrmz.eu/1iN1NLXrUtXGKIjvBIkT

Answer conscientiously. If your answers are admissible, within 15 days we will offer
you the training most acclaimed by founders and investors, in Fast and Efficient
Reading, worth 97 euros (https://optimistra.com/e-sle), a crucial subject for

broadening your field of competence in the world of startups and investments.

This study can have a significant impact in the world of startups, we are counting on

you.

I thank you very much for your time and your support. Please do not hesitate to

contact me if you have any questions.
Best regards,
Michel Wozniak (see my Linkedin profile)

Completion of MBA in Artificial Intelligence at Robert Kennedy College (Zurich) /
University of Cumbria (UK)

Click here if you no longer wish to receive communications from us.
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APPENDIX E03 — APPROVED ETHICS FORM

University of

Cumbria %bg%

Research Ethics Application for Taught Degree (Bachelors & Masters) students

Application for study involving Human Participants

NB: This form should be submitted to your research project module leader once reviewed,
discussed and signed by your research supervisor. The form is designed as a discussion
document as well as a record of ethical approval. Please ensure you have carried out a Privacy
Impact Assessment if your project involves collection of personal data.

All fields will expand as required.
1. Title of Project: Human success factors for French-speaking Al-oriented startups

2. As this a student project, please indicate type of course you are on by ticking/ highlighting the
relevant box:

oBSc oBA oMSc oMA XMBA oPgC oPgD olLM

3. Type of study: please indicate type of study you are on by ticking/ highlighting the relevant box:
X Involves direct involvement by human subjects

o Involves existing documents/anonymised data only.

4. Name of applicant (the student): Michel Wozniak

5. Your project supervisor(s)

Name(s): Pr. Richard Adlam

E-mail(s): richard.adlam@rkc.edu

6. Provide a concise summary of your research project in lay terms (maximum length 150
words). What are you planning to do?
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| am planning to survey investors as well as founders in order to evaluate to what extent they
perceive that human factors like stress, beliefs, fears, etc. may impact startup success or startup
failure.

7. Describe the sample of participants (including for example, number, age, gender).

We want to target founders as well as investors regardless their age and gender, so that we can
extract at least a hundred data points, which will be reasonable considering their levels of
occupation.

8. Explain concisely how you will recruit the participants (be specific).
We will use Lemlist (a tool using Linkedin professional databases) and contact them by email,
considering possible email deliverability challenges like the fact that not all have an up-to-date email

address. The search will be based on keywords like “investor”, “investment”, or “startup”, “founder”.

9. Explain concisely how you obtain informed consent from participants. You need to ensure it
is easy for people to withdraw consent and tell them how.

The survey form ends with an informed consent that is being digitally signed by the respondent. A
separate email is also sent to the respondent to have further record of the consent. The respondent
is informed that they can withdraw with a simple email addressed to Michel Wozniak.

10. Explain how you will maintain data protection. State what personal and/ or sensitive data you
may collect and how this will be stored (see guidance UK General Data Protection Regulations

(GDPR)).

All the personal data is removed from the dataset (first name, last name, email, phone, company
name). The remaining data is the age range (10 years ranges) as well as the evaluations made by
the respondent. The personal data is kept until the validation of the dissertation, in order to send the
results of the research to them. Then the personal data will be destroyed.

11. Explain concisely how you will offer review opportunities, a debrief or, follow up for
participants (as appropriate).

When the research is validated by RKC/UoC, the research document will be sent to the participants.
There is no other specific form of debrief or follow-up for participants.

12. Briefly describe each of your data collection and analysis methods (you may just have one
method)

Method 1 Survey using Likert scale for the evaluation of the impact of human factors.

Method 2 Spearman correlations to extract insights from the data
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Method 3 Kruskal-Wallis tests to extract significant differences within groups of data

Method 4 Jackknife resampling to check the stability of the results across all the dataset

Method 5 Cox proportional hazards regression model to confirm (or not) the validity of methods

2 to 4 and get possible complementary insights.

13. Risks Explain any risks that your research Describe how you will control the risks
participants might face because of the you have identified
research project (this might include
psychological and reputational risks)

1 No risk has been identified for the The anonymization of the data allows the
participant since no personal or mitigation of any risk in our case.
sensitive data is being exposed. The
data is self-assessed.

2

3

4

14. Other ethical considerations

Explain any risks that you may face as a researcher, and what steps you will take to control them.

In our case, there is no identified risk as a researcher. It is exploratory research aimed at evaluating

startup success or failure.

Explain briefly any benefits that your research participants may gain from participation.

The insights from the research may bring possible keys to improve their likelihood of success (for
founders), as well as the likelihood of success of the startups investors invest in.

Explain briefly how you will collect each type of data— such as hard copy paper / digital / audio /

video.
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The data will be collected through a digital Zoho Form.

State a date when you will destroy by shredding, burning or deletion your data files. Note: this
should be after the award of a confirmed grade for your degree.

Within a week (7 days) after the confirmed grade, the digital files and the form will be destroyed.

15. Check you have considered each issue below and fully explained it in your application,

then put x in the box

| have identified and taken steps to control any physical, emotional or psychological risk to | X

participants

| have identified and taken steps to control any cultural offence that might be caused X

| have identified any vulnerable groups involved and taken steps to control the risks X

| have explained how | will get permission from managers to recruit participants on their N/A
premises

| have made clear that no deception is involved in the study X

| have explained the level of anonymity for participants and how it will be maintained X

| have explained how participants will be informed and have the chance to ask questions X

beforehand

| have explained how participants may make follow up enquiries after their part in the study | X

| have explained how data will be kept secure and destroyed after the study X
16. Role Name e-Signature Date
You (Student) Michel Wozniak

Your Supervisor Pr. Richard Adlam | Richard Adlam 27-04-25
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Module leader or lecturer responsible
for the research ethics within your
programme/ module

Supportive Materials Checklist

Please attach all necessary supportive materials and indicate in the checklist below.

Supportive Material Version and Date

Research protocol or research proposal File ID 358435 in Thesis
Repository (07/07/2024)

Participant Information Sheet Consigned in the final

version of the research

Debriefing Sheet

Consent Form Consigned in the final

version of the research

Letter of invitation

Other (such as interview schedule, questionnaires, measures: please
state, and explain)

APPENDIX E04 — CONSENT FORM AFTER THE SURVEY

At the end of the survey, a consent form containing the most important confidentiality and
rights data is given to the participant, and the participant needs to digitally sign the consent
and the survey. Due to the length of the survey, a complementary informed consent is sent by

email (Appendix EO5).

Here is the extract of the last page of the survey (Appendix FO1) with the consent:
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J'acceépte que ces information soient utilisées strictement dans le cadre d'une étude académique et qu'aucune information
indiquée ci-dessus permettant de m'identifier ne sera utilisée ou publiée. Une notice de consentement plus détaillée me sera
envoyée par mail. Je sais que je peux retirer ma participation a tout moment au cours de I'étude en informant Michel Wozniak.
/ | agree that this information will be used strictly for academic purposes and that none of the above identifying information will
be used or published. A more detailed consent information will be sent to me by email. | understand that | can withdraw my
participation at any time during the study by informing Michel Wozniak.

Je confirme accepter cela / | confirm that | accept this

[:] J'accepte / | accept

Signature
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APPENDIX EO05 — PARTICIPANT’S INFORMED CONSENT

This message has been sent to the participants with the detailed consent information. The
survey informed the participants about the fact they would receive this message, to ensure

deliverability.

You are invited to participate in our quantitative study on human factors influencing startup
success or failure. This study explores the perception of how much human aspects like stress,
fears, beliefs, communication, ... may have an impact on the success or the failure of a

startup.

You are invited because you are an investor and/or a founder and your experience may be

valuable for the whole startup community. Therefore, we contacted you by email.

The data collected will by quantitatively analysed to generate insights to contribute to a better
understanding of human aspects leading to failure or success of a startup. The collection of
the data was made on a period of 2 months, between January and February 2025. On your

behalf, there is no risk in your participation and the time required is less than 10 minutes.

Personal information about you (first name, last name, email, phone, company name) is
totally anonymized. None of it is available to the public. The researcher is Michel Wozniak,
student at Robert Kennedy College on the MBA in Artificial Intelligence. The research tutor
is Pr. Richard Adlam.

We are very thankful for your voluntary and valued participation. You may withdraw your

participation any time during the process of the study by notifying the researcher by email.

The signature of the survey form confirms that you deliberately decided to participate to this

research. Thank you very much.

APPENDIX FO01 — THE SURVEY FORM

It is worth noting that one person who is founder (2 Likert queries) as well as investor in Al
(2 Likert queries) and non-Al (2 Likert queries) startups, could possibly be asked 6 times their

perception on all the 14 indicators.
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Contexte / Context

Lobjectif de cette étude est de déterminer dans quelle mesure des facteurs humalns peuvent impacter le succas ou l'échec
dune startup.

Pour vous remercier de participer a cette étude qul vous prendra entre 7 et 9 minutes, sous une semaine, nous vous offriront
l'accés & la formation en ligne "Secrets de Lecture Efficace” Buzan {97 euros) qui est e plus plébiscitée par les investisseurs et
les startupers.

Il est essentiel que vous ré iez de maniére enci Les résultats de cette étude pourraient vraiment impacter votre
succes en lant que slarluper el en Lant qu'investisseur el limiler les 9 slartups sur 10 qui meurent, Nous vous lransmeltrons les
résultats une fois [étude terminée.

The aim of his sludy is lo determine Lhe exlent Lo which human factors can influence Lhe success or failure of 3 startup.

To thank you for taking part In this survey, which vdll take between 5 and 9 minutes to complete, within a week we'll be ghving
you access Lo the Buzan "Secrets of Effective Reading” online Lraining course (97 euros), which is the mosl popular with
investors and start-ups

It's essential that you respond consclentiously. The results of this study could really Impact your success as a startup and as an
investor, and limit the 9 out of 10 startups that die. We'll let you know the results cnce the study is complete.

Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Informations complémentaires / Complementary info

Dans quelle pays se trouve prnicipalement votre activité? / What is your main country of
activité?

Counlry

Quelle est votre tranche d'dge ? / How old are you?

[ <20

(] 2030
[_] 30-40
[] 40-50

[T] s0+
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Niveau de connaissance / Level of knowledge

Mon niveau de connaissance en Intelligence Artificielle / My level of knowledge in Al

Mon niveau de connaissance en communication / My level of knowledge in communication

Mon niveau de connaissance en Leadership et Management / My level of knowledge in
Leadership and Management

Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Startuper ?

Etes-vous un startuper ? / Are you a startuper?
() Oui/ Yes

() Non/No
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Startuper - General

Mettez-vous dans les chaussures du startupper. SI vous avez plusleurs startups; focallsez sur celle ol vous &tes le plus investl.
/ Put yourself In the shoes of the startuper and focus on the one you work most on if you have mare.

Votre startup est-elle une startup "IA" ? / Is your startup an |A startup?
() Oui/Yes

{) Non/No

)

[oul] si les services offerts aux clients impliquent une utilisation réguliére/systématique/automatisée d'outils d'IA /
[yes] If the services offered to the clients Involve a regular/systematic/automated use of Al tools.

Combien de personnes sont, ou sont prévues d'étre, membres du conseil d'administration ?

oo
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Startuper - Success

Juaqus quel degré chaque élément auivant peut slon wous kfluencer le SUCCES e votre atarlup? / To whal extent do you
Ballewe e6ch of the fallawing alemeants can Influance tha SUCCESS of your startup?

1 étole - Improbanle 1 star- Not probadle
7 ftoles 17 Improbahla /2 stars - Samaahat Improhabia
1 stars - Neutral
- Semewhat probable
Very probsble

Vos croyances ou convictions i i iti ive beliefs
or personal convictions

Limpact dé i i imilaires / The impact of possible past similar
experiences

Votre gestion du temps / Your management of time

Votre capacité 3 visualiser I'avenir de votre startup / Your ability to visualize the future of your
startup

Votre capacité 3 assumer la responsabilité de vos succks et de vas échecs / Your ability to take
responsibility for successes and failures

Votre aptitude @ communiquer / Your ability to communicate

Votre capacité & désenclencher des conflits / Your ability to disengage disputes

Votre capacité & avoir une vie pro/perso équilibrée / Your ability to have a balanced life
(pro/perso)

Votre négativité / Your negativity
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Startuper - Failure

Jusqu's quel degr chaque flémant suvant pewt selan vous influencer [ECHEC davotre starun? ¢ Ta what axtent do yau batevn
exch of the fallcwing elements zan influence the FAILURE of yaur stertup?

siln - Imprabsbla £ 1 star - Not pecbable
z imprcbable 2 stars - Scmewhat mpecbable
Neutre /3 stars - Neutral
2 proisbie { 4 stars - Someswhat probatle
rs- Viery probisbie

Vas croyances ou canvictions personnelles positives/négatives / Your pasitive/negative beliefs
or personal convictions

Limpact d'éventuelles expériences antérieures similaires / The impact of possible past similar
experiences

Vatre capacité a visualiser I'avenir de vatre startup / Your ability to visualize the future of your
startup

Votre cap: 4 assumer la resp bilité de vos succés et de vos échecs / Your ability to take
responsibility for successes and failures

Votre capacité & avolr une vie pro/perso équilibrée / Your ability to have a balanced life
{pro/perso)

Votre entétement / Your stubbornhess

P |

gative interactions
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Startuper - Final

Combien de startups avez-vous échouées jusqu'a présent ? (non rentables ou mortes aprés 5
ans) / How many startups did you fail until now? (not profitable or dead after 5 years)

Combien de startups avez-vous réussi jusqu'a présent ? (rentables et vivantes aprés 5 ans) /
How many startups did you succeed until now? (profitable and alive after 5 years)

Nom de votre Startup (sera confidentiel) / Startup name (will be confidential)

Courte description de votre Startup en 1 phrase (sera confidentielle) / Startup short description
in one sentence (will be confidential)

Site Internet (facultatif, sera confidentiel) / Website (optional, will be confidential)

Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Investor / Investor ?

Etes-vous un investisseur ? / Are you an investor?

() Oui/ Yes

() Non/No
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Investor - Non-Al ?

Mettez-vous dans les chaussures de linvestisseur. / Put yourself in the shoes of the invester.

Je suis /| am
[T Ve (Venture Capitalist)

[] BA (Business Angel)
] Fo (Family Office)

[) other

Investissez-vous entre-autre dans des startups non-lA ? / Do you also invest in non-Al startups?

[) oui/Yes

[C) Non/No

Senvices offerts aux clients nimpliquant pas l'utilisation réguliére/systématique/automatisée d'outils d'lA. / Services
offered to the clients not involving regular/systematic/automated use of Al tools.

oo
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Non-Al Investor - Success

Focalizezvous

g usqe el degré chague
NON-Al ztartup Invastments,

Ses croyances ou convictions personnelles positives/négatives / Their positive/negative beliefs
or personal convictions

Ses peurs / Their fears

Limpact d'éventuelles expériences antérieures similaires / The impact of passible past similar
experiences

Sa capacité & assumer la rasponsabilité de ses succés et de ses échecs / Their ability to take
responsibility for successes and failures

Sa capacité a avolr une vie pro/perso équillibrée / Thelr abllity to have a balanced life
(pro/perso)

Sa négativité / Their negativity
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Non-Al Investor - Failure

Startups NON4A, 1 focal
demant sulvant pout sakn

sz improsuble / 2 siars - Somewhat improbable
Nenra £ 3 atarg - Neutral

4 éaikes - Azsaz proboble { 4 sta - Semewinat prabebic

& éeaikes - Iras probabla f & stars - Very prebanke

Ses croyances ou convictions personnelles positives/négatives / Their positive/negative beliefs
or personal convictions

Limpact d'éventuelles expériences antérieures similaires / The impact of possible past similar
experiences

Son point de vue sur les choses / Their point of view on things

re of their startup

Sa capacité & assumer la responsabilité de ses succes et de ses échecs / Thelr abllity to take
responslbllity for successes and fallures

Sa capacite & avair une vie pro/perso équilibrée / Their ability to have a balanced life
{pro/perso)
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Investor - Al ?

Investissez-vous entre-autre dans des startups IA ? / Do you also invest in Al startups?
[C] ouitYes

[C] Non/No

Services offerts aux clients impliquant I'utilisation réguliére/systématique/automatisée d'outils d'lA. / Services offered
to the clients involving regular/systematic/automated use of Al toals,

D D
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Stud

Al Investor - Success

~al582-V018 SUF VOB IRStaBAMEnts Startuna A, at focallsg-uoua plua particullémsmant aur | fondataur atiou [equipe
drigeanta. Juzqu3 quel degré chaque lément zuvant peut szkon vous influencer le SUCCES de ces starbups? | Foeus oo yaur
NON-AI Lartup Fnesslments, snd in particulsr on e founder o nrrgement leam, Towhast eaient do you beliess sach of
the folowing eleinenis can nlluence the SUCCESS of e slartups?

Imprababie /1 star - Not probable

1
2é4 probeble /2 siars - Somenhal mprobsble
3 )

Ses croyances ou convictions persannelles positives/négatives / Their positive/negative beliefs
ar personal convictions

Ses peurs / Thelr fears

Limpact déventuelles expériences antérieures similgires / The impact of possible past similar
experiences

Sa capacité & assumer |a responsabilité de ses succés et de ses échecs / Their ability to take
responsibility for successes and failures

San stress / Their stress

Sa capacité a avair une vie pro/perso équilibrée / Their ability to have a balanced life
(pro/perso)

Sa négativité / Their negativity

San entétement / Their stubbornness

Ses interactlons négatives / Their negative interactions
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Al Investor - Failure

Focali BUr VOS5 it Startups |A, et focalisez-vous plus particuligrement sur le fondateur et/ou I'équipe
dirigeante. Jusqu'a quel degré chaque élément sulvant peut selon vous Influencer FECHEC de ces startups? / Focus on your
NON-Al startup investments, and in particular on the founder and/or management team. To what extent do you believe each of
the following elements can influence the FAILURE of these startups?

1 éloile - Improbable £ 1 star - Not probable

2 étoiles - Asgsez impy /2stars - Pt

A éloiles - Neulre / 3 slars - Neulral

4 étoiles - Assez probable / 4 stars - Somewhat probable
5 étoiles - Trés probable / § stars - Very probable

Ses croyances ou convictions personnelles positives/négatives / Their positive/negative beliefs
or personal convictions

Sa capacité a assumer |a responsabilité de ses succés et de ses échecs / Their ability to take
responsibility for successes and failures

Sa capacité & avoir une vie pro/perso équilibrée / Their ability to have a balanced life
(pro/perso)
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Investor - Final

Quel est le nom de votre organisation ou de votre fond ? (sera confidentiel) / What is the name
of your organisation / fund (will be confidential)
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Etude pour le MBA en Intelligence Artificielle / MBA in Artificial Intelligence Study

Conclusion

Qui étes-vous ? / Who are you?

—

Prénom / First Name Nom de famile / Last Name

Quelle est la meilleure adresse mail pour vous joindre ? / Which is the best email address to
reach you?

En cas de probléme de délivrabilité des mails, quel est votre numéro de portable ? / In case of
email deliverability issues, what is your mobile phone number?

Jiaccépte que ces information soient utilisées strictement dans le cadre d'une étude académique et qu'aucune information
indiquée ci-dessus permettant de m'identifier ne sera utilisée ou publiée. Une notice de consentement plus détaillée me sera
envoyée par mail. Je sais que je peux retirer ma participation a tout moment au cours de |'étude en informant Michel Wozniak.
/1 agree that this information will be used strictly for academic purposes and that none of the above identifying information will
be used or published. A more detailed consent information will be sent to me by email. | understand that | can withdraw my
participation at any time during the study by informing Michel Wozniak.

Je confirme accepter cela / | confirm that | accept this
() Jaccepte/1accept

Signature

APPENDIX F02 — THE RAW FILES
The raw files can be found here:

e The anonymized file from chapter 3.6:
https://www.dropbox.com/scl/fi/hphsmmreyuopij9vquudao/Sondage-v01-
Anonymized.csv?rlkey=8bvbzwlt037t2fne0i24eisOk&dl=1

e The streamlined, cleaned and filled file from chapter 3.6:
https://www.dropbox.com/scl/fi/3vhj0td56mmkordkbf580/Sondage-v04-Void-Cells-
Filled.csv?rlkey=u9gptb63i3a080omojhnrmp61&di=1
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o Some people had 6 sets of indicators filled. In this case, the one line from the
original file was split into 6 lines, adding indicators to show whether the
profile was investor or startup, whether the startup was Al or non-Al, and
whether the indicators reflected success or failure. This gave a total of 148
lines.

o We then filtered the respondents who answered the same Likert evaluation in
every response (like a 5). One respondent was matching this condition. The
four sets filled by respondent 30 were therefore removed from the dataset,
leaving 144 valid lines, or 144 sets of Likert-scale evaluations.

o Since three columns contain data only valid for founders, namely (1) the
amount of people in the board, (2) the amount of failed startups, (3) and the
amount of succeeded startups, we will fill the empty values with the word:

“Irrelevant”.

APPENDIX F03 — THE GOOGLE COLAB PAGE

Here is the link to the Google Colab page where all the code to generate the analysis is stored.
You can make a copy of the environment and run it yourself to check the results. Every cell
can be run separately:

https://colab.research.google.com/drive/1rhy91v0 1tSNFnZNECVpku9mD2ddRb58Y ?usp=sh

aring

The language used is Python and the dataset is fully available from within each cell.

APPENDIX GO01 — KRUSKAL-WALLIS TEST FOR SUCCESS

See Google Colab Cell 21. This shows the Kruskal-Wallis test for significant differences

between Al and non-Al startups regarding success.

Traits with a Significant Difference Between AI and Non-AI Startups in Success Perception (Final Version - Sorted by
Importance <0.05):

p-value
.044180
.056197
.143021
.303214
.305933
.332099
.397228
.455095
.457909
.508332
.641467

Startup Members Of The Board
Knowledge In Communication
Scale Point of View

Scale Capacity To Disengage Disputes
Scale Negative Interactions
Scale Stubbornness

Scale Life Balance

Scale Past Experiences

Age

Knowkedge In AI

Scale Time Management

[N eNoNoN NN NN NeRal
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Scale Capacity To Visualise 0.676321
Scale Capacity To Communicate 0.721647
Scale Assume Responsibility 0.755295
Scale Beliefs 0.762417
Knowledge In Leadership And Management 0.831170

APPENDIX R0O1 — KRUSKAL-WALLIS ANALYSIS OF STARTUPS AND INVESTORS

The following calculations stem from Google Colab, cell number 3 (reproduced as is):

Traits with a Significant Difference Between Startupers and Investors (Sorted by Importance):

p-value
Scale Capacity To Visualise 0.002375
Scale Past Experiences 0.002995
Scale Capacity To Disengage Disputes 0.013391
Scale Fears 0.019350
Scale Stubbornness 0.024220
Scale Negative Interactions 0.034600
Scale Life Balance 0.083467
Scale Stress 0.220800
Scale Capacity To Communicate 0.292308
Scale Negativity 0.412965
Scale Assume Responsibility 0.414458
Scale Beliefs 0.750610
Scale Point of View 0.752887
Scale Time Management 0.837148

Startuper Mean

3.
3.666667
3.437500
3.562500
3.812500
3.437500
3.791667
3.
4
3
4
4
3
4

979167

541667

.229167
.708333
.062500
.187500
.750000
.062500

Investor Mean

4.
.218750
.875000
.083333
.187500
.906250
.427083
.791667
.104167
.864583
.229167
.208333
.906250
.177083

WS D WD W W W W

479167

Traits with a Significant Difference Between Startupers and Investors in Success Perception (Sorted by Importance):
Startuper Mean

p-value
Scale Fears 0.011366
Scale Life Balance 0.025182
Scale Past Experiences 0.025585
Scale Capacity To Visualise 0.044116
Scale Negative Interactions 0.069612
Scale Capacity To Disengage Disputes 0.123287
Scale Capacity To Communicate 0.152194
Scale Stress 0.292675
Scale Time Management 0.357931
Scale Point of View 0.453680
Scale Assume Responsibility 0.645505
Scale Negativity 0.665850
Scale Beliefs 0.763161
Scale Stubbornness 0.776008

3.
4.083333
3.958333
4.375000
3.083333
3.458333
4.500000
3.
4
4
4
3
4
3

083333

333333

.458333
.166667
.500000
.458333
.333333
.958333

Investor Mean

3.
.500000
.437500
.687500
.645833
.791667
.229167
.604167
.229167
.041667
.479167
.604167
.312500
.937500

Wb Wb s s wWwdWwwds s W

833333

Traits with a Significant Difference Between Startupers and Investors in Failure Perception (Sorted by Importance):
Startuper Mean

p-value
Scale Stubbornness 0.003342
Scale Capacity To Visualise 0.019644
Scale Past Experiences 0.039807
Scale Capacity To Disengage Disputes 0.053529
Scale Assume Responsibility 0.137384
Scale Negative Interactions 0.176839
Scale Point of View 0.222721
Scale Time Management 0.252939
Scale Negativity 0.415866
Scale Stress 0.424348
Scale Fears 0.461829
Scale Life Balance 0.689751
Scale Beliefs 0.893710
Scale Capacity To Communicate 0.898188

APPENDIX R02 — IMPACTS OF FAILURES AND SUCCESSES

3.
.583333
.375000
.416667
.625000
.791667

3
3
3
3
3
3.
3
3
3
4
3
4

666667

333333

.666667
.958333
.750000
.041667
.500000
.041667

.958333

The impact of failures: (Google Colab Cell 4)

The impact of successes: (Google Colab Cell 5)

Investor Mean

4.
.270833
.000000
.958333
.979167
.166667
.770833
.125000
.125000
.979167
.333333
.354167
.104167

WD W D W W W

437500

.979167
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APPENDIX R03 — SPEARMAN CORRELATION WITH SUCCESS/FAILURE

See Google Colab Cell 1.

APPENDIX R04 — THE IMPACT OF AGE ON THE INDICATORS’ AWARENESS

See Google Colab Cell 2.

APPENDIX R05 - FOUNDERS BY FAILURE RATE

See Google Colab Cell 22.

APPENDIX R06 — KRUSKAL-WALLIS TEST ON LOW VERSUS HIGH FAILURE

RATE

See Google Colab Cell 23.

p-value
Scale Negative Interactions 0.094525
Scale Capacity To Visualise 0.099801
Scale Negativity 0.133582
Scale Stubbornness 0.141756
Scale Time Management 0.211558
Scale Assume Responsibility 0.366724
Scale Fears 0.446110
Scale Point of View 0.521520
Scale Life Balance 0.549204
Scale Stress 0.853827
Scale Past Experiences 0.909081
Scale Beliefs 0.933482
Scale Capacity To Communicate 0.960462
Scale Capacity To Disengage Disputes 0.981689

===== ATl Startups Kruskal-Wallis Test Results for low versus high failure rate

p-value
Scale Capacity To Visualise 0.056407
Scale Negativity 0.204841
Scale Life Balance 0.224061
Scale Assume Responsibility 0.322617
Scale Beliefs 0.478574
Scale Capacity To Communicate 0.478592

Data Points Used
46
46
46
46
46
46
46
46
46
46
46
46
46
46

Data Points Used
14
14
14
14
14
14
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Scale Point of View 0.529343 14
Scale Fears 0.602949 14
Scale Time Management 0.633384 14
Scale Stubbornness 0.637557 14
Scale Capacity To Disengage Disputes 0.658787 14
Scale Negative Interactions 0.770048 14
Scale Past Experiences 0.824012 14
Scale Stress 0.883527 14

===== Non-AI Startups Kruskal-Wallis Test Results for low versus high failure rate ==

p-value Data Points Used

Scale Time Management 0.023902 32
Scale Stubbornness 0.028759 32
Scale Negative Interactions 0.034224 32
Scale Fears 0.117558 32
Scale Negativity 0.174395 32
Scale Capacity To Visualise 0.187094 32
Scale Capacity To Communicate 0.493864 32
Scale Assume Responsibility 0.619071 32
Scale Capacity To Disengage Disputes 0.755686 32
Scale Point of View 0.759815 32
Scale Past Experiences 0.838497 32
Scale Beliefs 0.850466 32
Scale Stress 0.869127 32
Scale Life Balance 1.000000 32

APPENDIX R07 — KRUSKAL-WALLIS FOR AI AND NON-AI STARTUPS

See Google Colab Cell 11.

Traits with a Significant Difference Between AI and Non-AI Startups (Sorted by Importance):

p-value AI Startups Mean \

Scale Capacity To Visualise 0.054477 4.431818
Scale Point of View 0.060340 4.022727
Scale Time Management 0.101836 4.272727
Scale Stubbornness 0.108589 4.181818
Scale Capacity To Disengage Disputes 0.308762 3.863636
Scale Past Experiences 0.310548 4.113636
Scale Beliefs 0.458220 4.227273
Scale Capacity To Communicate 0.487498 4.204545
Scale Negative Interactions 0.551925 3.681818
Scale Assume Responsibility 0.552629 4.181818
Scale Fears 0.574159 3.931818
Scale Negativity 0.673630 3.704545
Scale Life Balance 0.724146 3.545455
Scale Stress 0.733486 3.636364

Non-AI Startups Mean

Scale Capacity To Visualise 4.26
Scale Point of View 3.78
Scale Time Management 4.08
Scale Stubbornness 4.01
Scale Capacity To Disengage Disputes 3.67
Scale Past Experiences 4.00
Scale Beliefs 4.19
Scale Capacity To Communicate 4.12
Scale Negative Interactions 3.78
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Scale Assume Responsibility 4.17
Scale Fears 3.90
Scale Negativity 3.86
Scale Life Balance 3.55
Scale Stress 3.74

APPENDIX R08 — THE IMPACT OF AGE FOR AI STARTUPS

See Google Colab Cell 13

APPENDIX R09 — THE IMPACT OF AGE FOR NON-AI STARTUPS

See Google Colab Cell 14

Age Group Summary Statistics (Success Only, Non-AI Startups):

Average Variance Standard Deviation

Age

20-30 4.010204 0.761905 0.836538
30-40 3.870130 0.874026 0.905685
40-50 3.883459 1.141604 1.032376
50+ 4.115385 0.709707 0.825489

APPENDIX R10 — SUCCESSFUL AND FAILED STARTUP FOR AI AND NON-AI

See Google Colab Cells 19 and 20:

APPENDIX R11 — JACKKNIFE RESAMPLING ON THE IMPACT OF BOARD
MEMBERS

Please refer to Google Colab, cell 24:

Original p-value: 0.0039
Jackknife p-value range: 0.0002 - 0.0154
Stability ratio (p < 0.05): 100.0%

Most influential respondents:
Respondent 59.0: p = 0.0102
Respondent 31.0: p = 0.0154
Respondent 5.0: p = 0.0154
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APPENDIX R12 — JACKKNIFE RESAMPLING ON THE THIRD FAILURE

Please refer to Google Colab, cell 25:

Original Inflection Point: 3

Original Post-Threshold Slope: -0.833

Slope Variance: 0.0366

Unstable Respondents (>+0.1 variation): [21, 26, 29, 38, 39]

APPENDIX R13 — COX PREDICTIVE SURVIVAL MODEL

Please refer to Google Colab, cell 26:

Concordance Index: 0.8038
Note: A concordance index > 0.5 indicates better than random prediction

Cox Model Summary (All Startups):

coef exp(coef) se(coef) \

covariate

Scale Beliefs -0.036856 0.963814 0.146090
Scale Fears 0.164423 1.178713 0.165238
Scale Past Experiences -0.059310 0.942415 0.163973
Scale Time Management -0.097517 0.907087 0.159766
Scale Point of View -0.132789 0.875650 0.160932
Scale Capacity To Visualise -0.096999 0.907557 0.152218
Scale Assume Responsibility -0.233670 0.791623 0.167998
Scale Stress 0.105641 1.111423 0.160528
Scale Capacity To Communicate -0.076226 0.926606 0.162246
Scale Capacity To Disengage Disputes -0.043162 0.957756 0.154183
Scale Life Balance -0.090707 0.913285 0.165691
Scale Negativity 0.089628 1.093767 0.163955
Scale Stubbornness -0.014917 0.985193 0.164259
Scale Negative Interactions 0.093064 1.097532 0.164035
Age Numeric 0.040253 1.041074 0.155283
Startup Members Of The Board -0.151601 0.859331 0.154852
Is AI -0.134191 0.874423 0.332024

coef: Coefficient, log hazard ratio
exp (coef): Hazard ratio. 1.xx is xx% higher risk, 0.xx is (100-xx)% of risk reduction.

se(conf): Standard error

p -log2(p)
covariate
Scale Beliefs 0.800820 0.320450
Scale Fears 0.319704 1.645193
Scale Past Experiences 0.717572 0.478805
Scale Time Management 0.541616 0.884658
Scale Point of View 0.409299 1.288773
Scale Capacity To Visualise 0.523970 0.932443
Scale Assume Responsibility 0.164253 2.606006
Scale Stress 0.510481 0.970070
Scale Capacity To Communicate 0.638483 0.647280
Scale Capacity To Disengage Disputes 0.779521 0.359339
Scale Life Balance 0.584073 0.775780
Scale Negativity 0.584610 0.774453
Scale Stubbornness 0.927638 0.108366
Scale Negative Interactions 0.570483 0.809744
Age Numeric 0.795463 0.330133
Startup Members Of The Board 0.327578 1.610089
Is AI 0.686095 0.543520

APPENDIX R14 — MISALIGNMENT RISK MODEL

See Google Colab Cell 27.

Based on the Cox predictive survival model, a misalignment risk model has been built based

on:
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e Calculating alignment scores for each human factor: (1/(1+absolute difference))
e Aggregating these scores by scenario: (Al/non-Al x Success/Failure)

e Converting to risk scores per scenario 100*(1-alignment_score)

APPENDIX R15 — FIRST TIME FOUNDERS VERSUS SERIAL FOUNDERS

See Google Colab Cell 28.
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